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Abstract

Building Prediction models for diabetic foot ulcers is a challenging research. This is due to the fact that diabetes is a
chronic disease with incidence rate increasing steadily every year. This research aims to create a model for predicting
diabetic foot ulcers to help in planning treatment and prevention of foot ulcers in patients with diabetes
using an artificial neural network (ANN), support vector machine (SVM) and decision tree (C4.5), which are commonly
used techniques that can build efficient models. This research has measured performance models with accuracy,
sensitivity and the specificity, respectively. The researchers succeeded in creating a C4.5 model-technique with

accuracy in predicting up t075.90% and 80.50% for sensitivity.

Keywords: Diabetic Foot Ulcer, Data Mining, Artificial Neural Network, Support Vector Machine, Decision tree
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e dansasluansnen 1
Table 1 Attribute

NO Attribute Label

1 Age

2 Sex male=0,female=1

3 DM_Type 1=typel,2=type2,3=type3,4=typed 5=type5

4 DM_Time

5 Y_DM_Foot yes=1, no=0

6  Loss sens no 10ss=0, Numbness=1,pain=2,&pain=3

7 Ciga yes=1, no=0

8 FBS

9 Shoes Type O:no_fhoes,1:SH01,2:SH02,3:SH03,4:S
HO4,5=SH05

10 Foot Deformities  yes=1, no=0

11 Claw_Toe yes=1, no=0

12 Hammer _Toe yes=1, no=0

13 Mallet Toe yes=1, no=0

14 Hallux_Vagus yes=1, no=0

15 Dry Crack_Skin yes=1, no=0

16 Pad_Foot yes=1, no=0

17 Athlete Foot yes=1, no=0

18  Bunion yes=1, no=0

19 Ingrow_Toenall yes=1, no=0

20 Heel Foot yes=1, no=0

21 Podoscope Normal=0,flash foot=1,Hight Arch Foot=2

22 Foot_Color normal=0,red=1,pale=2

23 Foot_no_Hair yes=1, no=0

24 Foot_Temp normal=0,cool=1,hot=2

25  Dosalis_Pedis yes=1,s0ft=2, no=0

26 Posterior_Tibial yes=1,s0ft=2, no=0

21 Dy yes=1, no=0

28 Callus yes=1, no=0

29  Monofilamet Test  Loss of sensation=1 no Loss of sensation =0

30 DM_FOOT_ULCER  y=yes, n=no
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