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Abstract

Mahasarakham University has provided several courses for both undergraduate and graduate levels. For the undergraduate
level, there are procedures for selecting qualified applicants to study in an appropriate area of study since problems
have arisen when applicants choose to study in an area that is not suitable for their capability. The impact from this
problem is a higher rate of retirement when the students cannot complete their degree. This journal presents a data
mining technique for selecting appropriate groups to study for undergraduate level. This method aims to give students
the information to assist them in selecting an appropriate area of study which matches their skills. Results from this
research indicates that ‘Decision Tree Classifier is the most effective data classification since it gives the most adequate
value. The experiment from Educational Quality Assurance group indicates that result which are a) Humanities and

Social Sciences group (82.22%), b) Science and Technology group (88.26%), and c) Health Sciences group (87.73%).

Keywords: Major area selected forecasting, Decision tree Technique, Data mining Technique
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Science and | - Science
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Health Sciences | - Nursing

- Pharmacy
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- Medicine
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Table 3 Data sample
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Sex Size GPAX | GPA1 | GPA2 | GPA3

GPA4 | GPA5 | GPA6 | GPA7 | GPAS8 GPA

Male Extra 3.00 3.00 2.14 2.54

3.47 3.83 3.90 3.85 3.45 3.74

Female Big 2.44 2.60 2.20 1.68

3.30 3.10 3.90 3.60 2.40 2.19

Female Big 2.63 2.16 212 2.75

2.45 3.70 3.70 3.53 2.1 2.91

Female | Small 2.28 1.42 1.84 3.15

3.60 3.10 3.07 2.60 2.10 2.45

Male Extra 3.37 3.68 2.40 3.77

3.12 3.62 3.81 3.50 3.27 3.31
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Female | Extra 3.46 3.74 2.96 4.00

3.70 4.00 4.00 3.30 3.30 3.68

Female | Extra 2.77 2.16 2.12 2.75

2.45 3.70 3.70 3.53 2.1 2.91

Male Extra 3.00 3.00 2.14 2.54

3.47 3.83 3.90 3.85 3.45 3.74
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Group Quality Assurance Algorithm | Accuracy (%) | Precision Recall | F-Measure
Decision Tree 82.22 0.821 0.822 0.821
Humanities and Social Sciences | Naive Bayes 78.09 0.785 0.781 0.782
SVM 80.78 0.801 0.808 0.801
Decision Tree 88.26 0.892 0.883 0.881
Science and Technology Naive Bayes 84.31 0.845 0.843 0.843
SVM 87.41 0.880 0.874 0.873
Decision Tree 87.73 0.881 0.877 0.877
Health Sciences Naive Bayes 78.75 0.783 0.788 0.783
SVM 85.87 0.857 0.859 0.858
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IF GPA1="Medium(M) Then GPA=Good

IF GPA1="High(H) Then GPA=Excellent

IF GPA1="Low(L) AND GPA5="Medium(M)

OR ‘Low(L) Then GPA=Excellent

IF GPA1="Low(L) AND GPA5="High(H)

AND GPA3=‘Medium(M)’ OR ‘Low(L)’

Then GPA=Good
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IF GPA1="Low(L) And GPA5="High(H)’
AND GPA3=‘High(H) Then GPA=Excellent
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