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Abstract

The purpose of this study was to compare the Naive Bayes and Binary Logistic Regression techniques to
determine factors that influence students’ decision to enroll at the U.N.N. Academy language school. The research
was conducted using questionnaires to collect data from 150 students. The statistics used for the data analysis were
calculated in percentage (%), ratio, standard deviation and Binary Logistic Regression. The Binary Logistic

Regression model was used to analyze key factors that influence students’ decision to enroll in accordance to data
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relation. From 150 students, the student’s decision was used as a dependent variable and 10 independent variables

which were sex, age, GPA, household income, father’s occupation, mother’s occupation, father’s education,

mother’s education, enrollment history and courses studied. For the design of the Binary Logistic Regression model,

two variables in dichotomous variable technique were changed. The results showed that the four factors that

influenced the students’ decision to enroll were GPA, household income, enrollment history and courses taken. The

prediction accuracy for the students was 94.7%. Furthermore, it was found that the analysis between the Naive

Bayes and Logistic Regression techniques were consistent.
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Variables in the Equation

B S.E. Wald Sig.

GPA_1.00t02.00(1) -429 15718.634 .000 1.000
GPA_2.01t02.50(1) -16.941 6756.588 .000 998
GPA_2.51t03.00(1) 2.068 8773.145 .000 1.000
GPA_3.01t03.50(1) 3321 1.403 5.602 018
IN_Lessthan10000(1) 41.540 19469.567 .000 998
IN_10001t020000(1) 21.645 15566.496 .000 999

step IN_20001t030000(1) 19.463 15566.496 .000 999
! IN_30001t040000(1) 19.079 12858.769 .000 999
IN_40001t050000(1) 985 14645.262 .000 1.000
STUDIED(1) -19.246 4036.512 .000 996
COURSE .000 997
COURSE(1) -14.916 4036.512 .000 997
Constant -50.494 64322.956 .000 999
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