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M50 3.1 uaaamsdszgnd 19 1nssviedsyenndiouluilagiiu [19]
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3.2 usaga‘l%mmzw%’ﬁnm (Biological Motivation) [20]
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3.3 Jassaavedlasevelssanmiien [21-22]
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3.3.1 Tasenedszannieuuutiuded (Single Layer Neural Network)
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3.3.2 Tasenedszanfeutuuraiesy (Multi Layer Neural Network)
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Input Layer 1" Hidden Layer 2" Hidden Layer Output Layer
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- Feed Forward Neural Networks
- Radial Basis Neural Networs
' ~ Ao ~ 9 . . o '
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Y
Tasevelseanineusiail 1y
- Kohonen Neural Networks

- Hopfield Neural Networs
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M319N 3.2 (719)

riaanvumsaalon gumsneansumsmalon
a
A+l
0 > a(n) 1; n>0
e “lo; n<o

a = hardlimi{n)

Hard-Limit Transfer Function

a = hardlims(n)

Symmetric Hard-Limit Trans. Funct.

a
____________ T+/L
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Ol / a(n):{n’ n>0
-------------- T 0; n<0

a = poslin(n)

Positive Linear Transfer Funct.

a
............ T Hl o
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a = satlinin)

Satlin Transfer Function

V
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Satlins Transfer Function
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A a \ =
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Prediction - Feedforward Back-propagation
- Delta Bar Delta

- Extended Delta Bar Delta

- Directed Random Search

- Higher-order Neural Networks

- Self Organizing Map into Back-propagation

Classification - Learning Vector Quantization
- Counter-propagation Network

- Probabilistic Neural Network

Data association - Hopfield Network

- Boltzmann Machine

- Hamming Network

- Bidirectional Associative Memory

- Spatio-Temporal Pattern Recognition

Data conceptualization - Adaptive Resonance Network
- Self Organizing Map
Data filtering - Recirculation
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3.7 Tasenedssannifeuuuy Back-propagation Neural Network [25]
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Prediction & Control - Transient stability

- Steady-state stability

- Load Forecasting

- Synchronous machine modeling
- Dynamic load modeling

- Reactive power control

Identification - Harmonic source and load
- Fault diagnosis

- Protection

Classification - Contingency analysis

- Alarm processing

Optimization - Network topological observability
- Unit commitment

- Economic dispatch

- Maintenance scheduling

- Optimal power flow

- Generation expansion




