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Abstract

This report describes results from the study of image composition techniques used
to replace an object’s background in the first image with a new background image.
Recent methods use alpha channel values to improve blending quality between a
foreground object and a new background. A method proposed by Chaung used
Bayesian’s theory for estimating alpha channel values, foreground and background
colors. The method models the colors of each pixel as composed of two parts. The
first part is the combining of foreground color and background color. The combining
ratio is controlled by alpha channel. The second part is camera noise. The quality of
the image from this method depends on the value of camera noise parameter. The
drawback of this method is that the appropriate camera noise is varies from one
image of another. Thus, it is difficult to choose the appropriate value. Thus, in this
thesis we presented a new digital matting technique that uses Bayesian’s theory for
estimating foreground color. In this research, the color of each pixel is modeled as
composed of foreground color and background color. The composition of
foreground and background is controlled by the alpha channel. The result from the
experiment shows that the proposed method gives similar alpha channel values to
those obtained by Chuang’s method. The quality of image when composited with
new natural background is not different from Chuang’s method. However, the

proposed method reduces the computational complexity of Chuang’s method.
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