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Peak Demand Number of GRP
Year Energy(GWh)
(MW) Customer (Million Baht)
1988 (2531) 2,432.15 13,872.87 1,133,473 689,015
1989 (2532) 2,714.50 15,769.77 1,209,906 785,864
1990 (2533) 3,123.50 18,285.72 1,296,748 926,237
1991 (2534) 3,519.40 20,322.90 1,404,931 998,504
1992 (2535) 3,992.60 22,329.80 1,520,687 1,071,168
1993 (2536) 4,346.00 24,510.44 1,626,367 1,169,980
1994 (2537) 4,754.75 27,115.95 1,730,569 1,235,094
1995 (2538) 5,336.70 29,781.01 1,851,080 1,327,239
1996 (2539) 5,636.50 31,521.95 1,915,907 1,371,186
1997 (2540) 5,938.50 32,306.95 2,025,364 1,117,505
1998 (2541) 5,657.20 30,475.29 2,052,033 983,401
1999 (2542) 5,356.82 29,826.64 2,106,517 1,095,992
2000 (2543) 5,799.70 32,274.41 2,192,052 1,149,695
2001 (2544) 6,228.58 33,842.68 2,248,209 1,187,595
2002 (2545) 6,418.08 35,780.97 2,312,346 1,211,211
2003 (2546) 6,825.04 37,430.61 2,382,727 1,249,471
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4.2.2 dusz@nSandniusniga (Coefficient of Multiple Correlation) [22]
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mzmﬁ 4.2 HANTUDINITN Correlation 5814’31\1@]’JLL‘]J5

Correlations

DEMAND ENERGY CUSTOMER GRP
DEMAND Pearson Correlation 1 .999*7 .984* .776*
Sig. (2-tailed) . .000 .000 .000
N 16 16 16 16
ENERGY Pearson Correlation .999%*7 1 .982*7 797
Sig. (2-tailed) .000 . .000 .000
N 16 16 16 16
CUSTOMER  Pearson Correlation .984*7 .982*7 1 .699*
Sig. (2-tailed) .000 .000 : .003
N 16 16 16 16
GRP Pearson Correlation 767 79777 .699* 1
Sig. (2-tailed) .000 .000 .003 .
N 16 16 16 16

**. Correlation is significant at the 0.01 level (2-tailed).

q' v J a o yAa .
M3199 4.3 WAaNTYRINITAAT1ZH 1ae 92T Linear Regression

Model Summary

Adjusted Std. Error of
Model R R Square R Square the Estimate
1 .9998 .998 .998 62.34691

a. Predictors: (Constant), GRP, CUSTOMER, ENERGY
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Correlations

DEMAND MAX_ TEMP

DEMAND Pearson Correlation 1 -.005
Sig. (2-tailed) . .987

N 16 16
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Neural Networks)
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F(n) = — 4.5)
1+e™

F(n) =18 “.6)
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