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Abstract

‘Credit Card Fraud Detection for E-commerce by Using Data Mining; A Case
Study in Commercial Bank’ was studied for the purpose of Outlier Transaction and find
relationship of behavior by using Data Mining and Make a Model behavior of Fraud
Transaction as criteria for detect transactions to prevent damage caused by the fraudulent
transactions.

The research had studied organization's collected data. An E-Commerce
transaction was used to find Outlier transaction by Clustering Algorithm with Scalable EM
parameter in the first step. After abnormal behavior was known, these were constructed for
a model of behaviors by Association Algorithm with Apriori parameter. This process was
done within a model of CRISP-DM.

The outcome of data mining is perception of the group behavior that is likely
transaction fraud by data mining. If the relationship is focused, frequent behaviors that will
be found are; the cardholders who have been living in Klongtoey, Yannawa, Wattana,
Nonthaburi, Nachonsrithammarat and Narathiwat. It can be happened with male and female.
In the age of 34 - 42 years old or more than 53 years old. 12,500 - 31,500 baht is spent per
an e-commerce transaction. 09.00 am — 9.00 pm is a period when transactions are usually
made. The Mail / Phone ORDER, Lodging and Other PR categories fraud transactions are
found about 18 — 80 times per month. However this research is focus on modeling behavior
of fraudulent transaction, so in real situation, the model should be checked and evaluated

before using.
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