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Abstract

Buriram Province It is one of the most rapidly expanding provinces in Thailand. from the fact that there is a
railway line that cuts through the middle of the city. It is an economic city, a sports city, and a tourism city. This led to
an interest in studying the development of Buriram city using a comparative land use model. The purpose is to
validate the model. And to forecast land use in the year 2032 by using CA-Markov (CAM) and Land Change Modeler
3 methods, which are Multi-Layer Perceptron (MLP), Logistic Regression (LR) and SimWeight (SM). And a total of 10
factors were included in the analysis, namely 1) Digital elevation model 2) Slope 3) Aspect 4) Distance from the
municipality 5) Distance from local government 6) Distance from road 7) distance from railways, 8) stream, 9) sail
drainage, and 10) population density. The results showed that area trends during 2007-2012 and 2012-2022,
building area and water source area are increasing, but agricultural land and forest areas has reduced. After that
checking the land use model validation, it was found that in the overall accuracy method and the Kappa coefficient,
the MLP, LR, and SM methods higher accuracy than the CAM method. The 2032 land use forecast found that all four
methods yielded quantitatively similar results. (Area), but there are differences in terms of the land use allocation with

concepts that result in different maps. This output can be applied to different situations and contexts in different areas.
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2.1 NM9RT99RUIALATIBIUEHIDE WLTT 2NANLTIZE935719 4 ABEaTUAUSENE (NTNRmMMN
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Aa A a A Y WPy & aapy & A o .
YIAH) mmmmz‘mﬂmwLmﬂm\mu@@ﬂfﬂmu NWHYTENHATNTTH NS ‘IJ’]TN N4 faﬁfmﬂnmmwumwuﬂﬂmﬂ
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U % dy dl A ! ¥ = a v 1 =y ad = dy dl ! !
FIE VAN AUIAVINUTLHBILAZARIRTRNRAUDYNITANLT WGS9 98 CA Markov HAUIANUTATLANAINTIN

(%

Y A A % g oA oA A g oA oa g A - VY
ﬂ@?ﬂ”ﬂ@q\‘]ﬂ\‘i AINNEYUATENUNINUIT WRVLNWATNTTH WRVILHBY LRSANUVLARIUT LITHRNT 66960%&]~ (D8R

12.67) uazanalil 41,240 Gagaz 7.80) Wz 26,980 14 (3agaz 5.10) ANasy (15197 3) Tnadufslnlifen
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aada =)

ANHLANFANATNIN AB 1ANNN 1,260 (5 (3peay 0.24) atdeAdsmadn 3 38 wudnflauuanAngmn fAud
NEATNTIN AUAT(E Aunnfies 8,626 (3 w3388z 1.63 (SME5MLP) WAz 8,622 (5 win3nuay 1.63
(SMB5LR Uaz SME5SW) amuefIfuiiias Sudiaanly 13,933 naaiauas 2.63 (SmE5MLP, SmB5LR Lay
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TS . C A e s o .  a
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fiudiayasneds lnsRersnnuuuyia Binary) Ae AsaesauLEadiAMAn0ignuazin U3I/IHAIINUULS 1D
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1 [ v @ @ K2 agda L4 a A g A o
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=l ~ o/ o I ad p= A;’ z!l 1 o/ = ad = o/ 1
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e o vouzfion 335 [Hud 35 MLP LR uaz SM Faauianana (ldasei) nszanaadne o i a0 oy
snunssagtumbtinisussinaaugniiestd 4 uuy fe 1) Anngndecee Heu (User's Accuracy: UA)
2) ANYNHBILBINAR D491 (Producer's Accuracy: PA) 3) Anaangndioslaasan (Overall Accuracy: OA) uaz
4) pndnUazRnBUALLTN (Cohen's kappa coefficient: Kappa)
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wudn Milinemsnssn 35 CA-Markov Tidngeiignfia 96.18 musndias 33 MLP LR uay SM Aip 94.44 94.44 uay
94.42 PSR (AN51971 3) ouzfiNWTITN G 35 LR WiAmnnige samngian 35 SM, MLR uay Ca-Markov 58.79
58.45 58.14 UAY 46.33 ANNATAL AauiiniiEes AAngelunguuedds MLP (R waz SM An 95.00 94.77 uaz
94.75 puansiu 35 CA-Markov AN 67.49 Mwflunaainffifieynafeniuituiiilesnanfie nguessds MLP LR

' Y

uay SM HAngeuariiAnwintiufie 90.95 fiaansds 89138 Ca-Markov Wirnrewinemie 49.70

2.2.2 MAATNFBUANAIHGNABIVBIHARTDIT (PA) WUANTILNERSNIT1AD SM ua LR Wian

AT AA 97.55 (Y9833 HANVITH) AINNIF98 SM Az CA-Markov Aie 97.53 waz 96.18 A1 (735

U q

' ¥ A oA

Co-Markov Binagefigadie 95.73 vieendn 3 387AWATn&IAsiuAe 3% LR, SM uaz MLP A 70.04 78.58

'
=

URY 78.24 IMNATFL AT A8 Ca-Markov THANGSTIAR ANNIF9838 MLP, LR uay SM fia 78.54 76.46

k1) q

v '
A a A 1
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U 12 1R T 1.01.2565 Uf 13 SW T w.¢1.2565

2.2.3 NM3nsaasauANgndisanudn fAaaugnsiaslnasan (Overall Accuracy) Beandiy
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v A a

1N {Uniisdafl A5 MLR uaz LR 93.02 35 SM 92.99 uazAs CA-Markov 84.92
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it CA Markov MLP LR SM LDD
vzl it (139 Zesar At ((3) Zewar  wwd (9) Zewar  wwit (3)  Seuas it (19 Zeuas

LNHATY 375,447 T71.04 433,205 81.97 433,206 8197 433,206 81.97 419,394 79.36
I 29,246  ©.53 19,049  3.60 19,031  3.60 19,031  3.60 14,155  2.68
FYaNE 73,645 13.94 50,935 9.64 50,952 9.64 50,952 9.64 63,286 11.98

Lm@'ﬂ‘ﬁ/ﬂ 50,142  9.49 25,291 4.79 25,281 4.78 25,291 4.79 31,645 599

Y 528,480 100 528,480 100 528,470 100 528,480 100 528,480 100

A151971 4 NMsUsziuaNgniBsraen1sAIaniseinnsUsylenBian U w.e. 2565 arnuuusiassiudieys

98U e T RANEN9E9T WA, 2565 NTNWMHITIAK

CA Markov MLP LR SM
OA 84.92 93.02 93.02 92.99
Kappa 63.42 79.10 79.1 79.10
Uazinm UA PA UA PA UA PA UA PA
LHRTY 96.18 86.10 94.44 97.55 94.44 97.55 94.42 97.53
Vgl 46.33 95.73 58.14 78.24 58.79 79.04 58.45 78.58
B9 67.49 78.54 95.00 76.46 94.77 76.30 94.75 76.29
ARSI 48.70 777 90.95 72.69 90.95 72.69 90.95 72.69

naeLne: Overall Accuracy (OA), User's Accuracy (UA) waz Producer's Accuracy (PA)
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D2 % ! ¥
=1 =

WARSNWUAITIAEIRTHATIAUAIT AT ANTUI1nT W.r. 2565 (Hud o9 WATUIaIHI 3888 7.8 way 5.1

AIHAFTLARNT aRa991nT] W.A. 2565 (Huf numangan uaztinli Zaaay 12.67 way 0.24 A1uansy lagan
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2 3% AN AsRLUAIENAY LA UL a8 NHe NS NTRLAYN1TAAA9 BT WA dIuS o ay

A oda L vy X Ay a2y I | v W P P
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gﬂﬁ 16 n19tseleaniananigol T w.f.2575 (LR) gﬂ‘ﬁ 17 natsUseleninnanigol T w.a.2575 (SM)

a

#15797 5 N19AIANTT0INTS U5y lmifiANaINUULSaa LAz E1sBs W.A. 2575

n19AAn190ints U lemiffusInuULSIa89 WA, 2575

Ussnnnig
UrelgeTomnd CA Markov MLP LR SM

it (Ta) Zauay At (G2 Zpaay it (Ta) Zpaay At (G2 Zauay
INUATY 352,434 66.69 410,768 77.73 410,772 77.73 410,772 77.73
gl 12,895 2.44 8,848 1.67 8,845 1.67 8,845 1.67
EXaNE! 104,526 19.78 77,219 14.61 77,218 14.61 77,218 14.61
Lm@'\‘lli’ﬂ 58,625 11.09 31,645 5.99 31,645 5.99 31,645 5.99
oty 528,480 100 528,480 100 528,480 100 528,480 100
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