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Abstract

Investment is financial activities that based on analysis from various information that investors received.
Presence research studies have studied the effect of social media news, especially twitter, towards volatility of
cryptocurrency market and have proven studies that shown the effect of influential twitter post towards price
volatility. However, existing research focuses primarily on NLP and sentiment analysis techniques over both
total population tweets or tweets of specific well-known investors. These analyses generally try to extract market
directionality signals from this tweet data. There is an unexplored area which does not require directionality -
the percentage of tweets from key twitter users that have co-occurrence with high price volatility. Therefore, by
utilizing retweet data to identify key tweet leaders & mapping historical market volatility to identify co-occurrence
rate. This research is purposefully conducted to identify influential tweeters towards Dogecoin which will help
investor to identify key twitter users that have co-occurrence with high price volatility to follow and serve as

guidance for their investment strategy in cryptocurrency market

Keywords: Cryptocurrency influential people; Twitter; Dogecoin; Cryptocurrency; Market volatility



MIMITRVUMNIFUNAGLTIND (JISB) TN 9 alfUn 3 16iou Musnen - Funaw 2566 i 8

1. UNW
[~ o a
1.1 anadunisazanasiayuoslyna

maasnuiadufanssmemaiuiandunmsaansatlasdridsanntdayatnim g g Agaenuiuldiy

&

lasmyasuludagdunuldidssudidunssamuluasmafuiriing uddmalifimsamuluamaiialnin

'
Aaa ¥ Agyo

(ua m@miamﬂuaqaL’Su@ﬁmamﬁmﬁ'ua grauwsnansludonsulanarsud (luowu‘iﬁ'uﬁﬁwdwaqaL’Suﬁ%ﬁ'a

U
a s

nuasUlanaiudazninefiafadoiny) Afanuduruinnnieaeduinedis
nnmsduanuifnuisenlddnsnanienurasinamIdeanuEkIuaInaansllanaisudainiae

P A A A a & P = ) . a X a A
ITL"ITU@NL@U I@ﬂLﬂquﬂﬂqﬂﬂﬂUuﬂ?@]L@]aj INLDU ﬂ’]iﬂﬂﬂ"]luﬂ 2020 U84 Choi WUAINNITLNNY WU DININN

a aa v

ML LRISIELDIS TR dawaﬂi:"nmiam‘sﬁ'umulm:mé’maﬁwmmaaaqamumm (Choi, 2020) #anan
miﬁm:mﬁmﬁ'wam:ﬂwam%mﬁﬁamﬁug”?mﬁl,l,mﬂ@mﬁ'miaswmaqmﬁuﬁ%ﬁ'@luﬂ 2020 WU tweet

a aa v

sentiment au13nlElunInsnIniaNIRUHIUIBITIANENALTUATYIA LA (Kraaijeveld and De Smedt, 2020) lu

vaa a

1 2021 ﬁm‘sﬁnmﬁLLamlﬁLﬁudﬁmﬂwauuw‘?mma%ao;dmamwmaﬁu Elon Musk BhWSINAGDAINHWNIN

6 '

NIAIUINAN I@ﬂﬁm:nm@lmmimﬂwaﬁﬁwﬁ’muﬂ%%m 6 1wan3ok wuimsadewlwiuuniaiaesues Elon
Musk LABIuANTSINE 1 keyword ﬁme\‘J@iaaqaL'ﬁuifuﬂ sz liifannlfoustasvasnanedrefiioe:
ﬁwﬁ'rymﬂmw:nmé’uﬁxu (Lennart Ante, 2021)
@Tﬁfu%‘uLﬁu"l@ﬁ’m’mﬂﬁ'auvlmuuﬂ’mma‘i‘*’uaqQ’ﬁﬁw%wamqﬁmﬂ%ﬂ@mamu%i’fumm‘mafwwam:ﬂu
dannuKBHIuTaITIA A 16 ‘mhﬂ'dvl,;iﬁmiﬁﬂmﬁmm‘ﬁLLuﬂﬂa;;:ug}”ﬁ'ﬁﬂ%waaaﬂmﬂmju;ﬂ'l,‘*ﬁ%""ia;gﬂi:mﬂ
°u"nLﬁaLﬂuﬂiﬂmﬁ@iaﬁnaanuiuaqaL’E%ﬁﬁﬁﬂlﬁmmmLﬁaﬂaﬂmmgﬁﬁwﬁwawashamm:au WATEINIID

IS

15 aLﬂumslﬂwé’am@lLLa:LﬂuLmeﬂumsaﬁ’NnaqﬂﬂumiﬁﬂﬁﬂmauﬁmmmL%ﬂﬁﬂ%ﬂﬁﬂd?}ﬂ%@ A

a aa @ AdAa

UAINANAANNEUEINLAZ W 112 be
1.2 i’mqﬂszaw’f
;e ae .o

nwiTpiiianlizasd aoft

1. whasidruuulunsiuunngudidninasananndugldnulasiald dramsliesedlassinesas
ms’%w’?mmu@;vl,ﬂﬁ'ums?Lm']:ﬁé'@mmil,ﬁﬂmww"’umwé’amswﬁmaaQ’ﬁaﬂ%wamaﬁmﬂ%ﬂimﬂawuéﬁ
Taslawizinssnylasnasn

2. LﬁaﬁﬂNaé'wﬁmﬂmﬁmﬁ:ﬁml"ﬂumiﬂs:ﬂaum‘nﬁaﬂQﬁﬁﬂ%waﬁmia@mwLL&:ﬂ’]i@”@auhamu

A o o o = (4
LWE]ﬂ'ﬁ'Ynﬂ']vLTll E]\'iuﬂﬂ\'i"qul,‘lﬁiil EyI@]“ﬁﬂ e

Aa a ao A A [

2. NMINUNIKLWBIAA 'YIE]‘]SI'Q LLAaSIIWwIaNINgIVI

madnluafaflanunmuumwifa nosd weznuitbiineideanumiliensiintednoresdlinianes
ANNINIA INTA LazNIAAAN (Social network analysis) 3'.1uvl,ﬂﬁdmi@‘hmmmmﬁumumawamaqmﬁu
aananaianltlunmssmwimenudsrausasmisnlasnasld uaziiamey laairananza
2.1 n5azilasiasen1dIa

MTIATILHALATIRIINIFIAN (Social network analysis) A NMTILATITHANNTFUNUTVDI A ngy e

6 & 1 1 d' a v A v A 1 d'
2IANNT TIFINANTTNUABANNLTOURZNYANTIN Las Rogers (1986) laatueliin i@Iavranisnisaeans
Usznaudisyananiinionsaszninenuuaziud oM nasy NMIAAINTHLATOUIUNIINTHORTAILT U
msﬁnmﬁmﬁumﬂ%aﬂmmaa‘ﬁagasl,uimm%amdmsﬁamﬁ:v\iﬂay‘ﬂﬂa 9 15unesaton eanu

#ana1nd Brass (1995) laiiauaifnisiatnlednslussavunninvadiaiadianisnisveals o9

Utznauaas 9 @1 anfitTe (1) TWIa (size) (2) N13A38UAJY (Inclusiveness) (3) &% 3zNa1(Component)



MIMITRVUMNIFUNAGUTIND (JISB) TN 9 a1Un 3 16iou Nusnen — Funaw 2566 nii 9

(4) M be (Reachability) (5) mn‘%"amia (Connectedness) (6) ANNRWILILL (Density) (7) miiawguﬁ
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by well-known cryptocurrency leaders by using [
websites through twitter API ‘Retweet network’ (4) Map key (5) Case study of
(170 influential users) opinion leader profit & loss
tweets against for hypothetical
v market volatility |—p| trades based on
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(1) Scrape cryptocurrency volatility using Realized occurrence rate high volatility
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® https://cryptoweekly.co/100/

® https://coinmarketcap.com/alexandria/influencers-2020

® https://cointelegraph.com/top-people-in-crypto-and-blockchain

® https://www.entrepreneur.com/article/346140

® https://modernconsensus.com/crypto-power-lists/the-modern-consensus-100-most-influential-
people-in-crypto-2021/
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Datetime

2021-10-24 11:45:34
2021-10-24 053129
2021-10-23 133316
2021-10-23 12:4003
2021-10-23 1235203
2021-10-23 112217
2021-10-23 11618
2021-10-23 098327
2021-10-22 095147
2021-10-22 08:58:57
2021-10-21 125504

1-10-21 10:08:48

2021-07-30 01:25:39

2021-07-30 09:25:35

2021-07-23 16:30:00

2021-07-23 15:52:36

2021-07-23 15:48:41

07-23 15:48:34

2021-07-23 04:50:46

2021-07-21 17:34:57

2021-07-20 170749

20210720 14:45:40

0720 14:45:16

20210716 22-48:49

2021-07-16 20041:21

Tweet id

1452235843225057037
145220605934454 7842
14531904558016365033
1451891165259763715
145185909716453765121
1451871595455303682
14518549897 77846273
14518472247 32869050
1451486431801 712841
1451473138668261358
1451170170018353153

1451128329176768514

142091 8476291099650

142091 8460758504832

1418609351 204298758

1418599940045955079

1418598053023145734

1418598024206559232

14184333847150233090

141790091 9845586690

1417531705485589639

1417495931679911944

1417495820106316800

1416167967 TE3492854

1416135888472522752

When #bitcoin is in all time high mode (color turns red), it usually stays in ATH mode (red) for a couple of months hitp

@santhamid “Likely 3-6 months of steaight ATHs in the pipeline”

Text

RT @100trillionEur Wabsite https://too/bgvShOMP4W has been updated with the latest 3 podeasts. b Watch out: *harmiul &amp: dangerous content @

Loy S kWidghy

AT @laurashin: On Unchained, stock-to-flow creates @100trilliealISD discusses: “why he thinks BTCs price floor for Dec. is $135,000 “whit.

RT @jack: Hyperinflation is going to change everything. It's happening.

RT @delbigtree: When hospitals start filling with “fully vaccinated” people the best thing to do is change the definithion by mandating a th_
2013 uu:o(b - 200 week moving average up (black) - realized cap up (grey) - in ATH mode (red: distance to all time.... hittps//too/FWMTtHHDms
@lourashin Thank you Laura!

B sPCyRIQGSATCR J

Where will the top be, and whene the average level? hitps://t.co/pKYgtPXACO

my thoughts exactly.

RT @BasryESharp: My wife wha is a doctor, has been a doctor for 30 years, kidney transplant specialist, emergency specialist. hospitalist....

#hitcoin looking strong: RSIGETO and in ATH made (red) hitps/toa/yigErat

KT @ThePlayCain: The Public Beta of SPLAYS new game, Dwarven Sky. is live? Try 1o beat my high score of 42500 #cryptocurrency #creatorec...
RT @loePulizzi: Congratulations to fellow @rally_io coin holder @brianclark on the Lau nch of his new social token SMOVE!

RT @jowyang: Bull or bear market, creators are diving headfirst into erypto (social tokens, NFTs, and more] by @KevinChou hitpsy//tes/mh...
sports &ltgt; gaming &ltEgt; culture hitps/ft.oo/hid5sRTHR

RT @Cointelegraph: Mainstream crypto adoption can be reached through the creator economy — via artists, oréators and celebrities, argues @K
RT @rally_ic: How do crypto market fluctuations impact creators looking to get into crypto? Rally founder @KevinChou discusses in @Cointele..
RT @rally_ic: M Big milestone yesterday! On July 20, 2020, we launched the very first Creator Cain, $5TANZ. Big TY to @NathanStanz for bein
#geng back on top of LCK rankings & httpsy//too/Bpl2AFjMvu

httpsyft.oo/lgfiLkNpQb #GenGWIN

RT @lan_Unsworth: Really good interview from @ fintechfrank with @KevinChou of @rally_lo on creator coins and the “social token”™ model. Coul.
Giving Our @Rally Rewards to an Isolated Community in Peru! pe hittpsy/it.co/TICpG2WIcR via @YouTube

RT @fintechirank: Rally CEO explaing why he wants millions of people to have their own “creator coins’ New episode of @TheScoopPod: Rally...

RT @TheScoopPod: "How do we eventually think about a world whene more and more people choose to create their online identity, reputation an..

I‘I']‘Wﬁ 1 éﬁazm"ﬁagamﬂ Twitter API
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%aqmé’nwm: A1asuUY
SYANEOWIBTY (Symbol) %a‘naaaqa@uﬁ%ﬁa
Sudl uaz v luzduuy UTC (timestamp) fuﬁlugmmumna Tasaudl fayafe 1wl
3101 (Price) ANVDIANAIUATING
$rummIgene (Volume) $1UIUNNITTETY T LI ILAZTIANAINGT?

lanidadstayanudy Taysazgniafivanudyansoiniogy Metwteyavasudazayansalnioydu
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symbaol timestamp price volume_24h
DOGE 1609459800000.00 0.004665083 85196265.47
DOGE 1609459860000.00 0.004658195 85146962.89
DOGE 1609459920000.00 0.004651306 85097660.3
DOGE 1609459980000.00 0.004644418 85048357.71
DOGE 1609460040000.00 0.00463753 84999055.12
DOGE 1609460100000.00 0.004637066 84918467.92
DOGE 1609460160000.00 0.00463694 84836234.17
DOGE 1609460220000.00 0.004636814 84754000.41
DOGE 1609460280000.00 0.004636688 84671766.66
DOGE 1609460340000.00 0.004636362 84580532.9
DOGE 1609460400000.00 0.004637447 84674741.34
DOGE 1609460460000.00 0.004638386 84768762.53
DOGE 1609460520000.00 0.004639324 84862783.72
DOGE 1609460580000.00 0.004640262 84956804.91
DOGE 1609460640000.00 0.004641201 85050826.09
DOGE 1609460700000.00 0.004641459 84914446.81
DOGE 1609460760000.00 0.004641682 84765941.18
DOGE 1609460820000.00 0.004641904 84617435.55
DOGE 1609460880000.00 0.004642126 84468929.92
DOGE 1609460940000.00 0.004642349 84320424.29
DOGE 1609461000000.00 0.004641781 84069571.13
DOGE 1609461060000.00 0.004641173 83813331.26
DOGE 1609461120000.00 0.004640564 83557091.4
DOGE 1609461180000.00 0.004639955 83300851.53
DOGE 1609461240000.00 0.004639346 83044611.66
DOGE 1609461300000.00 0.004639606 82982403.11
DOGE 1609461360000.00 0.004639912 82930406.74
DOGE 1609461420000.00 0.004640218 82878410.36
DOGE 1609461480000.00 0.004640524 82826413.99
DOGE 1609461540000.00 0.00464083 82774417.61
DOGE 1609461600000.00 0.004642223 82704812.39
DOGE 1609461660000.00 0.004643674 82634280.38
DOGE 1609461720000.00 0.004645125 82563748.37
DOGE 1609461780000.00 0.004646576 82493216.36
DOGE 1609461840000.00 0.004648027 82422684.35

AN 2 @‘ﬁaﬂnﬁagamn website coinmarketcap.com
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é’n%%’umﬁmm:ﬁm?a“ﬂwmmnsjwjﬁﬁw%wamaﬁmﬂ%ﬂmLﬂal,sw'fi'ﬁfmﬂfmumﬁnﬁ 1 WRZATWN 1
I@mﬁn“ﬁagaﬁ'\mmmﬂnﬂ Username N3aLALNININTIH tweet ML IUNNT retweet kazaavinidu retweet table

aseaesluansen 3

39N 3 @ﬁamﬁaaahmﬁa Retweet table

User 1 User 2 (Retweeted by user1) IWINNITINIA

ThePlayCoin jack 15

wé’ammfuﬁdﬁwiagamﬂmsw Retweet table lUa$19104 Retweet Network Graph snel1sunsa Python
20N NetworkX Library Lﬁiaszqgﬁﬁw%wamaﬁmﬂ%ﬂ@LﬂaL‘sw’fiﬁLﬂuguﬁnmwaomsw‘i‘mﬁagmm:ﬂnem

@199 Tag User az1du Node uaz s1mrunisiniaazidudasinuavuia Edge uazidunsnnidianis

(Directional graph)

3.4 miaisudayausriianzianudzaivsaianuduniuaaiadanislnasegianinanisdueidla
LABDLIUD
fnfumatianzdanulszaivresanaduinusslazaasidanisinavaglaninanisduaivla

inalsudazuiimaaIsudayaidu 2 dufe
3.4.1 mmﬁﬂwﬂ’agaw"w"ammmﬁumumamm@

lﬂﬁﬁauﬁmmmamﬂalﬁuﬁﬁﬁamum‘mﬁ 2 uazn i 2 TandenmSoalazaeni (udainilu
MIRTWIT Lua\ﬁnnLﬂummmmmmwumumamﬂwamaamuamwaamwmw lasmsdrwrasdunism
AMURUHINLBIAAAGILSE Realized Volatility autuaaueait

(1) fNWIDH return by minute @28ATHE natural log

Price2
)

Minutely Return = In( (3)

Price 1

Tay Price 1 #87101 b LIAIAINETT WAZ Price 2 AaT1A7 b 1380 1 winoa b

(2) fA1w7ms Rolling Standard Deviation 910 Minutely Return lagld Window 7 5 5

. - . _ [X(ai—a)?
5-days Rolling Standard Deviation of Minutely Return = o1 (4)

(3) gudunnfigasasiiuiniiluszoziom 5 7w wiavhldanudsauwduanadoaiun

YDIAMUHWHIBINIZEE 5 I

5-days Rolling Standard Deviation of Minutely Return x v5x24x60 (5)
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(1) wleidu Realized Volatiity vaslazaasst Was lasnWanuEbIuUaIaaadie
ld5unsy Python uazizyaafiaanadnnuiuiauannit 75% wia Top 25" Percentile

3.4.2 muhdayannuduxiuaslazaesit adienzianudiznunumminvedfininanisdiua
Sulainaisud (Co-occurrence tweet rate to Market Volatility)
1°15’°1TaHamn@ﬁﬁwﬁwamaﬁwuﬂ‘%ﬂ@LﬂaLiw‘ﬁﬂg\mm 170 A% (ﬁagamwmiw‘ﬁ' 1) dnudays

Realized Volatility Asuimsledanndunand 3.4.1 siulusunsy Python I@mnm]’agaﬂgwmfuslﬁiwuﬁw
dunausssalyil fmindianiwansduaivlanasududazan
(1) lﬁi:uuw§amﬂﬂ%ﬁﬁ°ﬁa§amuﬂmﬂami Market Volatility graph a1a5% waz 1afLiadu
N
2) Susmunianinuefitieds wasiuswuniaffianen 25" Percentile Volatility tuiaan 1
oL
(3) thdmauniefitindan 25" Percentile Volatility twaan 1 3% wisdgdmunianinua
(4) leidu Hit Rate vasnIniavesrlianinadanilanaisuddadnvaslazaani Fodueildsa
AN UT2IUVRINTNT AL T AAANUHUHIUYBIAATA be (Co-occurrence tweet rate to
Market Volatility)

o '

1A1AINYITIILVBINTNIAA DA NHBNIUVBIARIAY adgdﬁﬂ%waLLma:ﬂum%‘@éﬂﬁu leude
‘Dda a

vda A Aa a 4 ] o @ c A A o a
vasiianTnandannudizanigengalaasldauiay uazidunesevasfianinaninamuaisianu
wauhgayyradumaasnululasaasid

3.5 mifidnmeetnvainliniavesglaninandanudszanvdaanudwnuaaaidudygimluns
89711 (Co-occurrence tweet rate to Market Volatility)
PNNANTIATIZAN bA2N1INNANTYIN Market Volatility LLaz Co-occurrence tweet rate to Market Volatility 41
' A A KR v A vdaa a Aa o o g 04
gunagnamdnslun1sliniavasgddninanfl Co-occurrence lusuaudug dusyarulumaimula
& & A A
Taauit lasasdaulalumiamuda

(1) NINTULRANNE Vlmma\mua‘ﬂﬁ‘wa ‘Y]SJ Co-occurrence I%GW@U 1-3

(2) g tweet Aianan Top 25" Percentile Volatility

@) %o o NAveInMAAamIMIasing

(4) "U'IUI% 6 'Ju(ﬂﬂ&l'] WRZATWITH ﬂ'lvh/"ﬂ'l@]‘ﬂ% %mmﬂu @E]Nﬂ']iﬁ‘ﬁiﬁ Wae Profitability

KR o Py ° A o @  wvaa A v a Ada
Immmemmmmaummu 3 NItk ﬁ'Wﬁ'UE&IEW]'D'WE‘W]’N@’]%‘H??_II@LﬂE]Li‘I/L‘H'YIEJ Co-occurrence rate 1% 3

DUALLINLYINTY
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= a =
4. HANIIANED Eh;ﬂ wazandsrguanisAnen

(2

INMINATNEH Retweet Network Graph wuiﬂumjugﬁﬁﬂﬁwamaﬂ%ﬂimLﬂaLsuéfj‘ﬁ‘hmu 170 A UNIT®
81 aunidunanluminiadayalasdfonnarinudug windade (retweet) aaguldnuang

.
s e . . . s
. .‘bmkh . < o’ F 4 al.ex_ﬁ fus d o
Joly & o & S Z ¢ gavayork®
p .
R . a2, &y Sfanib@g\cht’)v < “ e
. . o e .
“anitdgiphie o2 =) B rcie > . i
A ST
% e N S, SR
o . . < ot s
yuzakano .o ! L ‘R >
=4 . * mikeielshe  jespow 22, o A brendaeblumer  ** ®
3 . L n da an®e, VinnyLingham P
s o a P o e . LN
p oo vy et Andrec@bjeTéch —
. . Hgor St /
s Bivos —
Wobd . . P
Y . P
’ oel o‘n;vu&ewug e ©I33¢haxor .
evalikuos % at » : : F
4 . 4 e ° . . ¢
. at‘ilo"n.ﬁz'.of ga‘ﬂinagdresen breit’,’zqan
s nda e
/ satoglgerans . . )
.t matthelywoszak -
. 7 4
. r Ny o P
ER . idfhieas g
.!‘ . nabt’;ona. e SO oKean TR
Denemu@';g . A = a3 —s
. . . AlsoMP * - . » 5 .
Degeri$partan . P . JerryGuome pwellle ericirch e
o s . o . * & . * N
& . p - 2 .. e p, s

mwﬁ 3 Retweet network graph

IcﬂsJLfiaﬁ%ﬁmmﬂmw@”@nmaa:wuﬁ'ﬂwmwaamﬁunéwﬁ'ﬂun']ﬁw%maa;\«?ﬁﬁﬂ"ﬁ'waag 3 ANMIUZAIL
mslfanudanles (Connectedness) voslasitng da

(1) ﬂ@i&lﬁﬁﬂ’]ﬂ%ﬂ&llﬂdﬁ’%&l’lﬂﬂ’i’l 1 mn%aaﬂm 738 Multiple Connection Network

@) ﬂzjuﬁﬁmﬂ%aﬂmﬁ'w,ﬁm 1 mavawlys n3a Single connection Network

(3) nguilidniaenlosnungudns ias wia Unconnected Network

MULTIPLE CONNECTION NETWORK SINGLE CONNECTION NETWORK UNCONNECTED NETWORK

el =

AN 4 é’ﬂwmzmaamﬁunﬁjmlu Retweet network graph

larmedavesglianinaneaidlanaisudinuim 81 aufidunanlunaniadayadio g usadluamnai 4
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aTef 4 NoTatyniaweTuediianinanwaidlanasudituim s1 auiidunanlunmaniadayadiiag

(Key influential Crypto tweeters)

ysiu Kris_HK el33th4xor JerryCuomo
sallyeaves cameron matthewroszak KMSmithDC
ethereumJoseph domschiener riabhutoria Mashinsky
juanbenet evankuo 16heila_warren VinnyLingham
Gary_Tanguay Apompliano Akon WhalePanda
AbigailJHess laurashin PerianneDC adam3us
MattKaneAtrtist twobitidiot Sdinwiddie_25 arrington
AlexWilsonTGB SatoshiLite alex_dreyfus bobbyclee
Sonnenshein anildelphi brendanblumer elonmusk
andrarchy cdixon ericlarch gavinandresen
borgetsebastien katie_haun giancarloMKTS gavofyork
justinsuntron paoloardoino jerallaire jbrukh
CaitlinLong_ coindesk pwuille jespow
CathieDWood CoinDesk yuzokano joeykrug
dannyryan MatiGreenspan 100trillionUSD lopp
tyler SenLummis AlboMP mikebelshe
AndreCronjeTech breitwoman BlockFiZac Gemini
BarrySilbert jack CamiRusso binance
KevinChou Cointelegraph DegenSpartan balajis
yoniassia StaniKulechov DenelleDixon DappRadar
StellarOrg

Iﬂﬂmﬂﬁm'smwﬂi:fﬁmaugﬂ”ﬁaﬂ%waﬁﬂu%é’niumiﬂﬁmLLazﬁﬂwm:ma\‘lm'ﬁUﬂajwlu Retweet Network
Graph 2zt lan Qﬁﬁﬂﬁwaﬁﬁﬂi:ﬁluﬁmﬁﬂa‘"ﬁﬂﬂﬁaﬁmzﬁmsﬁaﬂmﬁu LT Elon Musk, Yat Sui, W&z
Josep Lubin agjlungda Multiple Connection Network ﬁLﬂumjulmﬁqﬂmﬁauﬁu iasnnnimuauduauid
mwuju,a:l,f]uﬁﬂamuﬁ'Lﬂuﬁjé”mﬂuazhaﬁluaqaLﬁuﬂé”ﬂmﬁrﬁu BTC, ETH, uazlazaasil wad Nason
Prof. Sally Eaves ﬁﬁmwm%mmzyﬁwm%ﬂﬁﬁumﬂIuIaﬁ (Ethic Tech) 138 Juan Benet ﬁLﬂupﬂ’ﬁa@%
cryptocurrency operated file storage network EWUITIFDIAUTD gljsluﬂﬁg'&l Unconnected Network 158931n&a9
ﬁwuﬁﬁﬂni’@mmmmm‘ﬁ'@iauﬁwmww:maﬂ’hmmmmmmuﬂuﬁfﬁ'ﬂmww:mjw

ag1alsfions mandavesfiidundnlumniadayadiie 9 envelimusnianlfidusygraluns
amuvl,@‘fﬂgmm FIrnI s TeHau i wsas laTaanl wazthanIugaumIniavasdianinag
Y‘ig\‘mu@mw‘ugu@ausluﬂ'a 3.4 Lﬁia‘m High co-occurrence with Market Volatility tweeters Iﬂﬂmﬁ&lﬁumu@mﬂﬁ

Ik latNaINNILATIZR Co-occurrence rate AILEAILUATNT 5
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DOGE
0.5 4 =
Em \olatility
B 25th Percentile Volatility
0.4
0.3 1
0.2
0.1 + !
| |
0.0 'l‘"l'"'l'""l'""l"'I'I""l""'l"
Feb Mar Apr May Jun Jul Aug Sep
2021

ANT 5 ANNEUEINYBIBAT Return 2891aTA08I 321319747 1 ¥NT1AN — 30 N8 2021

HamMTILATzRiwLInduawaznguAY Key influential Crypto tweeters Tugnadin ﬁaagﬂvl,@i”dﬁmiﬁ@mmgﬁ

Aa

aﬂﬁwamuﬁ’mﬂ%ﬂi@LﬂaLm%f,%'m%'um'samuiﬂmaﬂﬁ "l&immsnaﬂmmaww:mg'u Qﬁﬁﬂﬁwaﬁﬁ%mﬁmlﬂuﬁ

3in wIaldsunisniateainudndusiwinuinle wA@adq Co-occurrence rate with Market Volatility

va A

Usznaudly snede High co-occurrence with Market Volatility tweeters mﬂﬂijllwuaﬂﬁwaﬂwﬁﬁuﬂ?ﬂi@l

U

s o dl
LA BLIUDAI LLﬁ(ﬂdl%ﬂ’]W‘ﬂ 6

Other user’s tweet co-occurrence rate against DOGE volatility

== TOP3

lopp
LynAldenContact

tyler
3LAU

AlboMP

cameron

SecYellen
NickSzabo4
fluffypony
iohk_charles
MattKaneArtist
paoloardoino
arrington
rleshner
JoelKatz
alex_dreyfus
100trillionUSD
StaniKulechov
cryptomanran
VinnyLingham
CaitlinLong_
Joshua_Frank
el33th4xor
SBF_Burner
aantonop
coinmarketcap
WilliamShatner
justinsuntron
ErikVoorhees
narendramodi
sheila_warren
Omllwntrmt3
CharlieShrem

brianbrooksocc
brian_armstrong
borgetsebastien

Remark: Elon musk is not in the list due to twitter APl limitation & account protection

v A

nwil 6 Mp%a High co-occurrence with Market Volatility tweeters 3nnnguiianiwanisduiinaas

U
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Ada

< A oo =2 AR v A vdaa a o a

nilavinisdnm 3 nadidnmnlunsliniavesdniianinaduailainasudnil Co-occurrence lu 3
suauuwsnidudygnlunsamulezaasit lasasdeulalunmsamuauiienluuazitmsluiada 3.4 1w sl
lddmisliniaimasuasifid Co-occurrence dia Market Volatility ganiuazlnaaauunumiasmuduivinela
nsmAN®N 1: Rnsnannianduleaan brainbrooksoce NiluaU Co-occurrence Lududuf 1 lay

FIWIBNIINIAADNITLAANMNEWEIN LATHAT LINIFY 4.9% é’ogﬂ

brianbrooksocc DOGE

0.5 4
El HITS
ﬂ MISSES
0.4 4
0.3 1
-
. 0.2 4
Crypto Chief In Hand
@brianbrooksocc
Acting Comptroller of the Currency at @bitcoincouncil Former Chief Legal Advisor to 0.1
the crypto gods g
Joined October 2012
155 Following 468 Followers 0.0

Feb  Mar Apr May Jun Jul Aug Sep
2021

0.60 -

n '
0339 lﬁll {l!} ‘;‘%{ : o w ﬁ Crypto Chief In Hand
L, l»} ¥y }mn i .‘\%‘!\ . @brianbrooksocc

Y
N ANA f |
0.50 A ?] . Pi’; W \ _f;\,‘ \AM "\ Best cryptocurrency 2021:Bitcoin, Ethereum,
wa}, ; J Dogecoin and more
_oas{ |V
e
g
‘= 0.40 1
a.
0.35 4
0.30 A

Il BUY $0.45074 05-13 02:26

0.25 I SELL $0.47340 05-19 02:26 -
. 1 B PROFIT 4.90 % tomsguide.com

Top cryptocurrency 2021 by value: Bitcoin, Ether, Dogecoin, BinanceCoin and ...
What is the top cryptocurrency by value right now? Here's our guide to Bitcoin,

11 12 13 14 15 16 17 18 19 20 21 2 Ethereum, Dogecoin, BinanceCoin and more
May
2021 9:26 AM - May 13, 2021 - drumup.io
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NIMANBIN 2 v‘imimfmrmf'mﬁzju"l@i”mﬂ SecYellen

FIUIUNINIAABNITAAANMVEWEIN LKA LINIFY 78.01% @"’agﬂ

NU8UALU Co-occurrence Luauaun 2 Tag

SecYellen DOGE

Apr
2021

0.5
0.4
0.3
0.2
Secretary Janet Yellen &
@SecYellen
78th Secretary of the Treasury. Former Fed Chair. Always an economist. 0.1 1
& treasury.g ® 4 November 2020
75 Following  314.7K Followers
0.0
0.45
Il BUY $0.06167 04-09 20:45 I
0.40 4 B SELL $0.13454 04-15 20:45
’ I PROFIT 78.01 % Secretary Janet Yellen @ @SecYellen - Apr 10, 2021
3 | was honored to join my fellow Western Hemisphere Finance Ministers &
0.35 4 Central Bank Governors in a discussion at today. The
N importance of multilateral dialogue has never been greater, particularly
among this group of countries with such obvious and common interests.
0.30 A 11 64 © 39 &
@ Secretary Janet Yellen @
o 0.25 @SecYellen
2
=
L= 0.20- The tailwind from the U.S. recovery provides an
g opportunity for the region, but will not substitute for
urgent domestic efforts to cushion pandemic impacts
0.15 + pe and set the stage for stronger and sustainable growth.
3:45 AM - Apr 10, 2021 - Twitter Web Apj
0.10 A
11Retweets 1Quote Tweet 63 Likes
0.05 4 » T
07 08 09 10 11 12 13 14 15 16 17 18
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nNIMANBIN 3 ﬁmimwmﬂﬂf'mﬁtju"lﬁmﬂ NickSazbo4 NiauaL Co-occurrence WWauALN 3 Tag

FIWIUNINIAABNITAAAMVEBEIN LKA IINIFW 4.90% @Tagﬂ

o~

B
A 4

Nick Szabo
@NickSzabo4

Blockchain, cryptocurrency, and smart contracts pioneer. (RT/Fav/Follow does not
imply endorsement). Blog: unenumerated.blogspot.com

Joined June 2014

8,112 Following  340.7K Followers

0.1 1

NickSzabo4 DOGE

I HITS
MISSES

May Jun Jul

0.60 -

0.55 4

0.50

0.45 A

0.40 1

Price ($)

0.35 1

0.30 4
Il BUY $0.45074 05-13 02:26

Bl SELL $0.47340 05-19 02:26

025 wmm PROFIT 4.90 %

g Crypto Chief In Hand
pbrianbrooksoce

Best cryptocurrency 2021:Bitcoin, Ethereum,
Dogecoin and more

Top cryptocurre 2021 by value: Bitcoin, Ether, Dogecoin, BinanceCoin and ...

11
May
2021

12 13 14 15 16 17 18 19

our guide to Bitcoir
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@
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NI RAT oL RUELUSFNILINWITLA DL At

(2 '
a o )

(1) Twdspitimesduduuuumsiensfanuiuiinsssnaneslanosud 1lasuantwaniainms
niauaziniavasfidninadng g lavldlavaantidudiadnlunside edrslafianunadnives
nwissmansnth lduszgndldiumsoyeilamasudaug Tdsnmuanumunzas

2) NuispilldnsiensidsnssedinmmiauaznisiiannuiurIusasTIan fniugaulamanin
ﬂwmﬁmﬁzﬁmwfﬁﬂ (Sentimental analysis & NLP) WA ussauialiiiaanuutni
lumsduungdiidnina wldfssuuntszinnuasninieiinadannuiunansasmailuudas
younylel

@) sansnthduuuitldwamndunssusnielwidumsaanisal (Prediction) AuRuHIKIBIAANG
1&é’ami‘nﬁmaap\i}”ﬁﬁw%wamaﬂ%ﬂ@manw’fiﬁﬁ High Co-occurrence $38NUNNTLY Sentimental

analysis & Tweet type &
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