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Abstract

The objectives of this research are to categorize the academic achievements of student samples into
subgroups of excellent, average, or weak, and to categorize their learning achievements in each subject into
subgroups of outstanding, fair, or poor. Thirty-three students from fifth grade at Samsen Nok School (Prachrat
Anukul), Khet Din Daeng, Bangkok were sampled during Academic Year 2018. The students were selected using
a simple random sampling technique. The research adopted the K-means clustering algorithm, an artificial
intelligence (Al) technology, as a tool for data collection. Academically, 11 students were considered excellent,
11 average, and 11 weak. With regard to learning achievement in each subject, the students were categorized
as outstanding in four subjects, fair in three subjects, and poor in three subjects. History and Home Economics
were the students’ strongest subjects, while English was their poorest subject. Courses in the dominant group,

there were 3 courses, and the middle group had 3 courses, and the lower group had 3 courses.
Keywords: artificial intelligence Al, learning achievement, clustering learning, K-mean
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fdu ngudiunans § 3 91939 1w Inniwilne Inademans wazineoufinmes uaznsulngunadugns

MansisEuraseIn iy nquees 1 3 518390 laun Fudsaudne wagiyiniwdingy Wediarsan iWusengy
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P =

wud edvlungueu Pniviuian Ao IvUsyiRaans wavsiednlunguaes HNvNdesgn Ao Jv1N1w18Ingy
nmsITeannsatihdeyanisuuingudoyatiln K-mean dinildlunmsinnisiseunisasuiolulsylovidenisi
WHUNTSITEUNSARY warnswseuaunienvesniiaeu dilddnmsuwidaymilusedniiyadesdian wasimu

[%

nsisgunsasulunquaedvindyasiuiianselu aenndesiv eAdeilindnngudeyameis K-mean Faiduasng

q q

° '

nesesiienisasuuwivled Suunnquussidniseunudeiinevia vlilddeyaiiiertosiunisaey wWedu
Usglerironsdanisiseunisaeuvesngiely (Asif et al, 2014) uazaenAdesiuiideves Tuisy naeas (2559) Fald
K-means algorithm Tun1siasiziuazdnngudeyaldegagniouaz s

E2 o

FAdesinruderiuin msldaluladtyaussing Al fanquioyanadugninisniaieu vesiniFeuas
wadugussein Taelds clustering leaming wfia K-mean fianugnaesuiunselunisvinaugs uazliusedniaimas
esanmaiheureunaluladdyguszdsg Al T,maisi’fst‘]gumaﬁ%miwaﬂajwﬁanﬂamﬁm K-mean tJu38n137hen
(iterative method) TUsuNTNRzIUING T ey alosaUNIRzUUsnauTeyalaATiqnd sagnganisyiauveslusunsy
Faendt suseuiEmavheuuuulifiauasy TeedunsSousvesaiesinsdeinuutusigs lunisdandudeyaiile

WideyalUldusslovisold

Farauauurlunsinideaiasialy

1. msdangudeyalagliisnagoudnisuvangudeyauiin k-mean mstilulddnndunadugrimenisFeu
vaandeulutuduy o viensalsadouiinarssiutuiteassusuaunn

2. msiwaluladdyguseiug Al inlddanqudoya wadunnsnanIsiSeuresinoy lagld35n19158u3
nsulsngudeyarin K-mean msthluldfunisutsngudeyaviadu q fifvadestumansdne ieldudselovily

nsdangudeya umannsatteyaluldliegaivssansamesiely
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