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ABSTRACT - Image classification is developed as part of a framework in digital image
processing. The image extraction in relevant features is the most challenging part of
classification. The performance of algorithm depends on features considered from the
dataset. There are many algorithms attempt to analyze and combine all features but
high dimensional dataset degrades the performance of algorithm. To overcome this
problem, we propose a ReliefF base on Multi Label Algorithm (ReliefF-ML) to improve
semantic image classification. Feature selection technique is used as a first step to
analyze in large data set that is to find relevant features and removes redundant
features from high dimensional dataset. This paper presents four steps including (1)
data preprocessing, (2) feature extraction, (3) ReliefF-ML feature selection model, and
(4) efficiency measurement and evaluation of experimental results. The experimental
results indicate that our framework offers performance improvements with ReliefF-ML
feature selection algorithm. The proposed model can achieve significant improvements
for image classification with maximum success rate of 78.87% with 12 features.

KEYWORDS: Image classification, Digital image processing, Feature selection, ReliefF, Semantic
images
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Algorithm 1.Pseudo-codeReliefF-ML

Require: for each training instance a vector of feature
values and the class value

Input: T : data training set of multi label,
m : the number of sample instances,
k_nn : the number of nearest neighbors
Output: weight vector @ for the feature attributes

Begin
forf € Fdo
(Uf = 0;
end for
forl € Ldo
Computing label probability ~0;in equation
M
end for
forl = 1 to Mdo
Random { from T;
for label [ € Y;do
Updating k-nearest neighborsHl-l
Computing Probability ’OMil in equation (3)
end for
for label | € Y; do
Updating k-nearest neighborle-l;
Computing Probability le_z in equation
@)
end for
for fE Fdo
Updating weight a)fin equation (5)
end for
end for
return W;
End
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4.4 danasnisan (Relief Algorithm)
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Algorithm 2.Pseudo-code Relief

Require: for each training instance a vector of feature
values and the class value

Input:

D : data training set of feature data matrix,

N : the number of repeat times,

K : the number of the neighbors,

Output: weight vector @ for the feature attributes

Begin
for J€ M do
Random select an instanceR-;
FindingK nearest hits H
and nearest misses M;
for i=1 to all features do
Updating estimation@); in equation (11);
end for
end for
End
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