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=
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(1,1)= CPC— P+ CPAL+ I* A" PC + ' A" PAL + hW
(1,2)=CPBL+ I" AT PBL.
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(2,2)=I' B PBL~G—hR
h= h,—h +1

= o ar ar g
Agai 15192 14Maidu oo uevdsil

V(x(k)) = x' (k)Px(k)
k-1
V)= 3 x ()Gx()
i=k-h(k)
k=R k=l
Vix(k) =3, DX (Wi

JekhyHl i




15

k-1
V)= Y (h(k)—k+i)x" () Rx(i)

izk~h(k)
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AV (x(k)) =V, (x(k +1)) = V) (x(k))
=[Cx(k) + AS(x(k))+ BS (x(k — H(E)DT
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& a
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y(k) =
x(k — h(k))
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A=diagla,...,a}, a 20, i=1,2,.,n Gumindaenes
B.C.K ShunmSaddrnimin
u(f) e R" Wludnugy

& o [ o
S(2) =[5(2)s..-»5,(z,)) il s, du Anszquszvuilszam

u(k) = Kx(k)
sy lmives 8) fere il
x(k +1) = —Ax(k) + BS(x(k — b)) + CKx(k) ©)

nguun 4 pougah x =0 ves ©) HuadosamiBududiu A3 PG uay

N <3 - T -
L =diagll,...,1 ]1>0 flumaindunuiveu nazasandeseaumauasndg

wy o 0
w=l 0 22 0 |<o0 (10)
5y TaYE s

20
o
fad)}

(1,1)=APA— APCK —K"'C"PA-C"K"PC- P+ hG+W
+£APBB' PA+¢£ K'C"PBB" PCK ,

(2,2=¢"'LL+¢'LL+ LB" PBL-W,

(3,3)=-hG.

¥
Aigant 51z 19andu laem uendsil

M) =x" (k)Px(k),

k

RO = ), (h—k+)xT ()Gx(),

i=k-h+]
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k

Vo)=Y, " (OWx(),

i=k-h+l

weayruives audouluyes 9) sz ld

AV (y(k)y = AV (y(k)) + AV, (y(k)) + AV (p(K)) »
AV (p(k)) = N(x(k + 1)) =V, (x(k))

= [ Ax(k) + BS(x(k — ) + CKx ()] Pi—Ax(k) + BSGe(k — h)) + CKx()]
~x" (k) Px(k)

=xT (k) APA— APCK —K"C* PA-C"K" PC - Plx(k)
—x" (k) APBS(x(k - h)) - S” (x(k — h)) B" PAx(k)
+x7 (k)K'CT PBS(x(k —h)) + 8™ (x(k — h))B" PCKx(k)
+ST (x(k ~ h))BT PBS(x(k - h)),

k

AV, (y(k)) = A( zk: (h—k+ix" (i)Gx(i)) =" (k)Gx(k)— Y. x' (DGx(d),

i=k—h+1 i=k—h+1
k

AV,(y(k)) = A( D & (i)Wx(i)) = x" (K)Wx(k)—x" (k—hWx(k - h),

—x" (k)APBS(x(k— h)) - 87 (x(k — h)) BT PAx(k) < £x" (k) APBB" PAx(k)
+&7'ST (x(k — hNS(x(k = h)),

x" (R)K"CTPBS(x(k — b))+ 8" (x(k - h))B' PCKx(k) < £x” (k)K" C" PBB' PCKx(k)
+&,'ST (x(k - h)S(x(k - h)),

ST (x(k — W) BT PBS(x(k — h)) < x" (k — h)LB" PBLx(k - h),
ST (x(k—m)S(x(k—h) <& x" (k—h)LLx(k-h),
g7'S" (x(k - m)S(x(k—h) < &'x” (k~h)LLx(k - k),

AV, (y(k)) < x" (k)[A" PA— Plx(k) +&x (k)A" PBB" PAx(k)
+& %" (k= R LLx(k — k) + x" (k — B)LB" PBLx(k - 1) .

AV <x" (k)[APA- APCK —K'C'PA-C'K'PC-P+hG+W
+£APBB" P4+, K" C" PBR" PCKJx(k)
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+x"(k—)[e'LL+¢'LL+ LB" PBL—Wx(k-h)
k-1
= X" ()Gx().

i=k-h

> xT(i)Gx(z’)z(l i x(x’)J (hG)(l i x(i)J.
i=k-h+1 h i=k—h+1 h i=k—h+1

AV <x" (W) APA- APCK —K'C"PA-C"K"PC—-P+hG+W
+£APBB" PA+ &K' C" PBB' PCKx(k)
+x"(k-h)e'LL+¢&'LL+ LB" PBL-W [x(k - h)

-[-}; S x(z’)) (hG)(% ) x(z‘))

i=k-h i=k—h

ey 0 0 Y xk)

> x(i))T) 0 22 0 ||xtk—-h
=iy 0 0 G| &
G 2 X))

[ 28251

= (xT (%), x" (k—h),(

=

=y (kwy(k),

(1,1)=4PA— APCK —K"C"PA-C'K"PC - P+ hG+W
+£APBB" PA+¢,K'C" PBB" PCK ,
(2,2)=¢"'LL+¢'LL+LB" PBL-W,

3,3)=-hG,
( )
x(k)

k)= x(k k)

1 & )
(3 f:gﬂ x(i))

Tautinnu® 5 ssuuaduniiaaniugu (6) sxlimdosFudumiy

- o o o
JNTUNANTIVY

¥
L ]

¥ o 5 4 a
i idduauenistimdes mwiazaununeigavesuuusnesss vilszaim

Tnomsthisgnd l4eidu Tawer lumsudfamniiieos nmuasAwmng igauazann
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