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Abstract

The study aimed to create a model predicting the failure probability of companies by comparing financial
liquidity and management factors for food and agriculture industry companies listed on the Stock Exchange of
Thailand (SET). A model for predicting business performance was created by data mining. Results were that
the best way to create a model for predicting business operation results was deep learning, a class of
machine learning algorithms that uses multiple layers to progressively extract higher level features from the
raw input. Significant variable groupings according to deep learning include basic earning power, operating
profit margin, net profit margin, return on equity, exchange, cash to total asset, and earnings before interest
and taxes to debt. Analysis of the test results revealed that deep learning was 94.7 percent accurate, with

prediction error of 5.3 percent.
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4.5 N13ATIFauUAzLIINWHA (evaluation)
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Finaunlndninue aauaadluaissanuutingrvasainuulunsnennsainia Confusion Matrix (a13147
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A397 1 anTsenausingvasdnuulunInennIainia Confusion Matrix 62835 Deep Learning

True PROFIT True LOSS class precision
prediction PROFIT 178 2 98.89%
prediction LOSS 10 37 78.72%
class recall 94.68% 94.87%
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