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Abstract

Bluetooth is the global wireless technology standard which enables short-range communications. The system
is embedded in most mobile devices and personal portable devices. The purpose of this study is to locate a position
using Bluetooth signals. By measuring the signal strength, the distance from access point was estimated. The position
was then calculated based on neural networks. The experiment was to find the position within the experiment site and
determine the most effective neural network structure for positioning. The results revealed that the position can be

identified at 50% accuracy within tolerances of less than 1.5 meter. Thus, the system can achieve good accuracy with
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indoor estimate position. This study deliberately presented the use of simple indoor positioning devices along with the

application of data collection and computing techniques.
Keywords: Indoor positioning, Bluetooth, Received signal strength indication (RSSI)
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