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Abstract

Research Title Image Retrieval using Color Semantic in Thai Language
Researcher Assoc. Prof. Dr. Rapepun Piriyakul

Project Duration May 2553 - March 2554 24 g 639
The objective of this study was to investigate the relationship between the color
semantic in Thai language and the color in computer vision. The benefit of the study is the
conducting of image retrieval using Thai name-entity and for automatic image archive. 482
experiment images were retrieved from Google search engine, in color domain of :
“SOM_OM DANG”(red in orange), “DANG OM SOM”, (orange in red),
“LUANG OM SOM” (orange in yellow), “SOM_OM LUANG”(yellow in orange),
“LUANG KAM SOM”(yellow glassy orange), “SOM KAM LUANG” (orange glassy
yellow), “DANG JUA SOM” (impure red with orange), and “SOM _JUA DANG”(impure
orange with red). The preparation of supervised data followed these; first, the images were
segmented to region of interest (ROI) and then take into account of identifying the semantic
colors of each image by 100 persons and then the color name of images were labeled based
on the majority vote with 95 % confidence limit for the proportion test of greater than 60%.
After the data preparation step, the.ﬁnal 371 image with color label, 15 features in HIS color
model were extracted from each image and constructed supervised training and testing data.
The experiment consisted of coarse classification and fine classification. In coarse
classification, we used two strategies to classify image: Multiclass perceptron and Top Down
with Binary class perceptron, and found that the overall average precision was 74.038% and
93.941% respectively. Moreover, to enhance the efficient of rule formulation in Fuzzy logic
set for fine classification, we have conducted principal component with rotation varimax to

reduce the 15 features to three factors, and used Gaussian membership with the integration of
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neural network call ANFIS. The technique was used to classify each image into semantic
color in Thai language. We found that ANFIS can identify the color “LUANG KAM SOM”
and “SOM_KAM LUANG” with precision of 84.3% while the precision of
“SOM_OM _LUANG” and “LUANG OM SOM” was 79.3% and  “SOM JUA DANG”
and “DANG_JUA SOM” was 81.8%.
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