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Haskell
sort[] =]
sort (x:xs) = sort [y | y<-xs, y<x ] ++ [x] ++ sort [y | y<-xs, y>=X]
Erlang
quickSort([ ]) -> [ ];
quickSort([Pivot | T]) ->
quickSort([ X | | X <- T, X < Pivot ))
++ [Pivot] ++
quickSort([ X | | X <- T, X >= Pivot }).
Prolog
as(({],(])-
gs([ X | Xs]) :- part(X, Xs, Littles, Bigs),
gs( Littles, Ls),
qs( Bigs, Bs),
append(Ls, [X| Bs], Ys).
part(_, [], [], [})-
part(X, [Y|Xs], [Y|Ls], Bs) :- X>Y, part(X, Xs, Ls, Bs).
part(X, [Y]Xs], Ls, [Y|Bs]) :- X=<Y, part(X, Xs, Ls, Bs).
C

int partition(int y[], int {, int 1);
void quicksort(int x[], int first, int last) {
int pivindex = O;
if(first < last) {
pivindex = partition(x,first, last);
quicksort(x,first,(pivindex- 1));
quicksort(x,(pivindex+1),last);
;3§
int partition(int y[], int f, int 1) {
int up, down, temp, cc, piv = y[f];
up = f;
down = |;
do {
while (y[up] <= piv && up < 1) {up++;}
while (y[down] > piv ) {down--;}
if (up < down ) { temp = y[up];
y[up] = y[down];
y[down] = temp; }
} while (down > upj);
temp = piv;
ylf] = y[down];
y[down] = piv;
return down; }
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