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xiXw+b=>1fory =+1 (2.14)
xiXw+b<1fory =-1 (2.15)
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(Precision), AMANUTTAN (Recall) tazauow (F-measure)

Expert Judgment
Category
True False
True TP FP
Classifier Judgment
False FN TN
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i i TP
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F — measure = (2.23)
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2.3 Zipf’s Law
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