Fac. of Grad. Studies, Mahidol Univ. Thesis / iv

DISCOVERING ASSOCIATION BETWEEN METABOLIC SYNDROME AND ITS
RELATED CHRONIC DISEASES REPRESENTED BY ICD-10 CODE

SUPAK IAMONGKOT 5636638 EGIT/M

M.Sc. (INFORMATION TECHNOLOGY MANAGEMENT)

THESIS ADVISORY COMMITTEE : SOTARAT THAMMABOOSADEE, Ph.D.,
SUPAPORN KIATTISIN, Ph.D., ADISON LEELASATITHEM, Ph.D.

ABSTRACT

This paper applies the association rules method to discover the relationship
between metabolic syndrome and its chronic diseases. The sample data used in this
research is the medical records specifying the metabolic syndrome patients in a large
government hospital. The Apriori and FP-Growth algorithms are chosen to be
compared in the performance and applicable results of extracting the relationship of
the metabolic syndrome patient records represented by ICD-10 code. The results show
that the Apriori can extract 6 rules and 724 rules from FP-Growth. The comparative
results between Apriori and FP-Growth found that 6 rules are common. The overall
results show that the metabolic syndrome patients mostly have strong relationships
with hypertension, obesity and diabetes. Interestingly, these diseases often occur with
the patients diagnosed to have metabolic syndrome. Additionally, the results would
bring the suggestion of metabolic syndrome to the patients in order to know about the
relationship of these chronic diseases. Moreover, the physicians could use this guide

for the treatment strategy in the future.
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