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Wy :#(tk’dj) (2-2)
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an l3uiveu (Entropy) =
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2.8.1.1  Probability Thresholding 11/1unsMIA1IeTAEMIAIIBNIANNUIE
< A 1 ]
dluienms d; szeglununany c
1< 1 1 o 1 1 1
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I 1 1 o [
2.8.1.3  Proportional Thresholding WurimuyelaemsnagouiiueuaeInNL
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2.8.2.1 Decision Tree
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2.8.2.6  Rocchio
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2.8.2.7 Support Vector Machine
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l <} J
MIUNUBDNEIT (Document Representation) fﬂzﬂgiuzﬂ!lﬂﬂﬂ]@ﬁl’)ﬂl@aﬁ s NN

AMANYUY (Feature Representation) 320¢ 113 1HUVUDINNMIBVDINUANHAIE AINTNA 3-1

w: weight, d: document, c: category

w, d, ¢

1.0, df_. [ W, d, c
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0.4, ll'ig Ca 0.91, d.;. Ca
0.25, ds, Cs 0.4, da, ¢x
0.1, dg 2 0.25, da, ¢y

feature projections

on featura f;
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Classify(t,k) :
[* t: test instance, k: number of neighbors */
Begin
For each class ¢
vote[c] =0
For each feature f
I* put k nearest neighbors of test instance t on feature f into bag */
bag = kbag(f,t,k)
For each class ¢
[* count(c,bag) will count c in bag */
vote[c] = vote[c]+count(c,bag)
prediction = UNDETERMINED
For each class ¢
If vote[c] > vote[prediction] then
prediction = ¢
Return (prediction)
End.

d' [ AaR 9 a Ao
MNN 3-3 9anDINN FPTC (D 1N9IN1NNIUIVY [19])

[
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1INMINAaelotdunyd MaswunruIanyienalsnie lnef lavindanes iugs
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A YR tg LY = qu/ A v a 9 o (=1
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auiwie Iiaznuwdosvewdazionasisanudnyiuanaledy 30imanns
~ Ay '
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AMUNHRNNAUMIAUAUTIT TN (Information Retrieval) 171 10na15NUAT thidf ganI
oa.:l ~ Al o ] 1 A ° 1 s Y o
HuaztiulsgTemidomsduunruianyunniuena1snia tidf 4131 wlszgnanny
[ a R [ 1 o Y d'da a" 9 ~ qa.z‘ 9 S 1
ganaInuAINa1? TagaziviualionasNUans lMazuumdsaiuaelia tidf  ganii
1 4 1 091} [ 3 o o @ Y
AURDBVDIA thdf  NIMVADUAMANEUZIY MImruaanudayTums Iiazuudes

(Voting Score) 1353 sase Tl
vs(c,,t,) = W(t,,, d) xr(c;,t,) (3-2)

A A o 1 Y = . . £ Aas o o dy
Taen r(cj t.) Ao 9A3518IUNS 1HAZUUUEYY (Voting Ratio) FIUITMIAIUIN Al
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r(c, t,)= >w(t,.d)xyc,t, )/ > wit,.d) (3-3)

t, (Nely tn (Nely

Aa =5

Tagh 1, fie enasndans lums Idazuwwdes uaz y(c,,t,, (1) Wuiladdunog 1
k4

1] i1 9
A1 1 dievinanyveuends | tuniiy ¢; wioldm o iWenuiavyvewonars | wuli

A C AUNIN (3-2) 1AL (3-3) DIDININ [9]

o o o w L [ a
Tagaziihmssmuaanudiaglumsitazuuwdeanlszgndldludanesin - asll

a =
JYALIDYANTIUNINN 3-4

Classify(t,k) :
[* t: test instance, k: number of neighbors */
Begin
For each class ¢
vote[c] =0
For each feature f
[* put k nearest neighbors of test instance t on feature f into bag */
Bag = kbag(f,t,k)
For each class ¢
vote[c] = vote[c] + vs(C;j, tm)
prediction = UNDETERMINED
For each class ¢
If vote[c] > vote[prediction] then
prediction = ¢
Return (prediction)
End.

d‘ o Aa R A 9 Y v 1
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3.3 vnanynldlumside
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Feature Type System

Single-Label v

Multi-Label

Document-Pivoted v
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df
k | dataset
maF; | miF; | maF; | miF;, | maF; | miF;, | maF; | miF;
1 0.5605 | 0.5808 | 0.7614 | 0.7729 | 0.7665 | 0.7817 | 0.7522 | 0.7686
5 2 0.5485 0.6 | 0.8095 | 0.8208 | 0.8044 | 0.8167 | 0.7973 | 0.8125
3 0.3804 | 0.3958 | 0.7499 | 0.7833 | 0.7559 | 0.7846 | 0.7381 | 0.7667
avg 0.4965 | 0.5255 | 0.7736 | 0.7924 | 0.7756 | 0.7943 | 0.7625 | 0.7826
1 0.5248 | 0.5502 | 0.7478 | 0.7729 | 0.7593 | 0.7817 | 0.7542 | 0.7773
10 2 0.5691 | 0.6208 | 0.8056 | 0.8167 | 0.8005 | 0.8167 | 0.7915 | 0.8083
3 0.4106 | 0.4417 | 0.7207 0.75 | 0.7273 | 0.7583 | 0.7216 | 0.7542
avg 0.5015 | 0.5376 | 0.7581 | 0.7799 | 0.7623 | 0.7856 | 0.7558 | 0.7799
1 0.543 | 0.5808 | 0.7352 | 0.7642 | 0.7416 | 0.7729 | 0.7208 | 0.7598
15 2 0.5458 0.6 0.781 | 0.7958 | 0.788 | 0.8083 | 0.7793 | 0.8042
3 0.4581 | 0.4917 | 0.7187 0.75 | 0.7271 | 0.7583 | 0.7174 | 0.7542
avg 0.5156 | 0.5575 | 0.745 0.77 | 0.7522 | 0.7799 | 0.7392 | 0.7727
1 0.5459 | 0.559 | 0.7221 | 0.7598 | 0.7196 | 0.7598 | 0.7156 | 0.7555
20 2 0.5675 | 0.6208 | 0.7804 | 0.7958 | 0.7676 | 0.7917 | 0.7753 0.8
3 0.4643 | 0.5042 | 0.7366 | 0.7708 | 0.7318 | 0.7667 | 0.7211 | 0.7583
avg 0.5259 | 0.5613 | 0.7464 | 0.7755 | 0.7397 | 0.7727 | 0.7374 | 0.7713
1 0.5454 | 0.559 | 0.7137 | 0.7511 | 0.7241 | 0.7642 | 0.7157 | 0.7555
25 2 0.5796 | 0.6333 | 0.7764 | 0.7917 | 0.7705 | 0.7958 | 0.7745 0.8
3 0.4759 | 0.5208 | 0.7353 | 0.7708 | 0.7381 | 0.775| 0.7295 | 0.7667
avg 0.5336 | 0.571 | 0.7418 | 0.7712 | 0.7442 | 0.7783 | 0.7399 | 0.774
1 0.5488 | 0.5633 | 0.7044 | 0.7467 | 0.724 | 0.7642 | 0.7158 | 0.7555
30 2 0.5674 | 0.6208 | 0.7743 | 0.7917 | 0.7661 | 0.7917 | 0.7683 | 0.7958
3 0.4408 | 0.4792 | 0.7333 | 0.7708 | 0.7306 | 0.7667 | 0.7229 | 0.7625
avg 0.519 | 0.5544 | 0.7374 | 0.7697 | 0.7402 | 0.7742 | 0.7357 | 0.7713
1 0.5401 | 0.5546 | 0.6996 | 0.7424 | 0.712 | 0.7511 | 0.7201 | 0.7598
35 2 0.5678 | 0.6208 | 0.7624 | 0.7833 | 0.7625 | 0.7875 | 0.7611 | 0.7875
3 0.4387 | 0.4792 | 0.716 | 0.7542 | 0.7146 | 0.7542 | 0.7129 | 0.7542
avg 0.5156 | 0.5515 | 0.726 0.76 | 0.7297 | 0.7643 | 0.7314 | 0.7672
1 0.5336 | 0.5459 | 0.7003 | 0.7424 | 0.7115 | 0.7511 | 0.7121 | 0.7511
40 2 0.5688 | 0.6208 | 0.7549 | 0.775 | 0.7621 | 0.7875 | 0.7661 | 0.7917
3 0.3996 | 0.4458 | 0.7128 | 0.7542 | 0.6999 | 0.7417 | 0.7156 | 0.7583
avg 0.5007 | 0.5375 | 0.7227 | 0.7572 | 0.7245 | 0.7601 | 0.7312 | 0.767
1 0.535 | 0.5459 | 0.7003 | 0.7424 | 0.7194 | 0.7598 | 0.7113 | 0.7511
45 2 0.5681 | 0.6208 | 0.7553 | 0.775 | 0.7621 | 0.7875 | 0.7657 | 0.7917
3 0.4248 | 0.4667 | 0.7134 | 0.7542 | 0.7078 0.75 | 0.7083 0.75
avg 0.5093 | 0.5445 | 0.723 | 0.7572 | 0.7298 | 0.7658 | 0.7284 | 0.7643
1 0.5387 | 0.5546 | 0.7076 | 0.7467 | 0.7246 | 0.7642 | 0.7176 | 0.7555
50 2 0.5676 | 0.6208 | 0.7553 | 0.775 | 0.7574 | 0.7833 | 0.7657 | 0.7917
3 0.4359 | 0.4875 | 0.7218 | 0.7625 | 0.7117 | 0.7542 | 0.712 | 0.7542
avg 0.5141 | 0.5543 | 0.7282 | 0.7614 | 0.7312 | 0.7672 | 0.7318 | 0.7671
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df
k | dataset
maF; | miF; | maF;, | miF; | maF; | miF;, | maF, | miF;
4 0.3495 | 0.4000 | 0.6299 | 0.6750 | 0.627 | 0.6708 | 0.6098 | 0.6542
5 5 0.4200 | 0.4500 | 0.6428 | 0.6708 | 0.6361 | 0.6816 | 0.6145 | 0.6542
6 0.4020 | 0.4125 | 0.5388 | 0.5833 | 0.5133 | 0.575 | 0.5215 | 0.5833
avg 0.3905 | 0.4208 | 0.6038 | 0.6431 | 0.5921 | 0.6425 | 0.5819 | 0.6306
4 0.3207 | 0.375 | 0.6014 | 0.6500 | 0.5971 | 0.6458 | 0.5873 | 0.6375
10 5 0.3378 | 0.375 | 0.6021 | 0.6417 | 0.5907 | 0.6333 | 0.568 | 0.6167
6 0.3267 | 0.3708 | 0.5069 | 0.5625 | 0.4727 | 0.5417 | 0.5616 | 0.6167
avg 0.3284 | 0.3736 | 0.5702 | 0.6181 | 0.5535 | 0.6069 | 0.5723 | 0.6236
4 0.3421 | 0.3875 | 0.5912 | 0.6417 | 0.5956 | 0.6458 | 0.5803 | 0.6292
15 5 0.313 | 0.3625 | 0.5369 | 0.5958 | 0.5272 | 0.5917 | 0.5314 | 0.5917
6 0.2933 | 0.3375 | 0.481 | 0.5375 | 0.4695 | 0.5333 | 0.4736 | 0.5375
avg 0.3161 | 0.3625 | 0.5364 | 0.5917 | 0.5308 | 0.5903 | 0.5284 | 0.5861
4 0.3443 | 0.4017 | 0.5642 | 0.6208 | 0.565 | 0.6167 | 0.5833 | 0.6416
20 5 0.3165 | 0.3625 | 0.5187 | 0.5792 | 0.5195 | 0.5833 | 0.5183 | 0.5833
6 0.2948 | 0.3375 | 0.4726 | 0.5292 | 0.4736 | 0.5375 | 0.4641 | 0.525
avg 0.3185 | 0.3672 | 0.5185 | 0.5764 | 0.5194 | 0.5792 | 0.5219 | 0.5833
4 0.2959 | 0.3333 | 0.5343 | 0.5917 | 0.5449 | 0.6000 | 0.527 | 0.5833
25 5 0.3159 | 0.3625 | 0.5104 | 0.575 | 0.5015 | 0.5708 | 0.4944 | 0.5708
6 0.2915 | 0.3333 | 0.4628 | 0.5167 | 0.4638 | 0.525 | 0.4605 | 0.5208
avg 0.3011 | 0.3431 | 0.5025 | 0.5611 | 0.5034 | 0.5653 | 0.494 | 0.5583
4 0.2933 | 0.3167 | 0.5221 | 0.5833 | 0.5214 | 0.5792 | 0.5116 | 0.5708
30 5 0.2531 | 0.3083 | 0.4798 | 0.5542 | 0.4894 | 0.5625 | 0.4779 | 0.5583
6 0.2915 | 0.3333 | 0.4619 | 0.5125 | 0.4539 | 0.5125 | 0.4572 | 0.5167
avg 0.2793 | 0.3194 | 0.4879 0.55 | 0.4882 | 0.5514 | 0.4822 | 0.5486
4 0.2486 | 0.2792 [ 0.501 | 0.5667 | 0.5122 | 0.575 | 0.5029 | 0.5667
35 5 0.2525 | 0.3083 | 0.4621 | 0.5417 | 0.4813 | 0.5542 | 0.4644 | 0.5417
6 0.2915 | 0.3333 | 0.4557 | 0.5083 | 0.4551 | 0.5125 | 0.4489 | 0.5083
avg 0.2642 | 0.3069 | 0.4729 | 0.5389 | 0.4829 | 0.5472 | 0.4721 | 0.5389
4 0.235 | 0.2583 | 0.4919 | 0.5583 | 0.4926 | 0.5583 | 0.4841 | 0.5500
40 5 0.2481 0.3 ] 0.4588 | 0.5375 | 0.4749 0.55 | 0.4644 | 0.5417
6 0.2303 | 0.2833 | 0.444 | 0.4958 | 0.4391 0.5 | 0.4465 | 0.5042
avg 0.2378 | 0.2806 | 0.4649 | 0.5306 | 0.4689 | 0.5361 | 0.465 | 0.5319
4 0.2367 | 0.2583 | 0.4839 0.55 | 0.4712 | 0.5417 | 0.4606 | 0.5333
45 5 0.2481 0.3 ] 0.4499 | 0.5292 | 0.4594 | 0.5375 | 0.4644 | 0.5417
6 0.2303 | 0.2833 | 0.4463 0.5]0.4391 0.5 | 0.5407 | 0.5833
avg 0.2384 | 0.2806 0.46 | 0.5264 | 0.4566 | 0.5264 | 0.4886 | 0.5528
4 0.2490 | 0.2792 | 0.4729 | 0.5417 | 0.4654 | 0.5375 | 0.4539 | 0.5292
50 5 0.2486 0.3]0.4472 | 0.525 | 0.4568 | 0.5333 | 0.4562 | 0.5333
6 0.2304 | 0.2833 | 0.4348 | 0.4875 | 0.434 | 0.4958 | 0.5352 | 0.5792
avg 0.2427 | 0.2875 | 0.4517 | 0.5181 | 0.4521 | 0.5222 | 0.4818 | 0.5472
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