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Abstract

The purpose of this study is to compare the methods of estimating multiple linear
regression coefficients of six independent variables with the presence of multicollinearity
by comparing method of principal component regression, Ridge Regression with Prior
Information method and Muniz and Kibria Ridge Regression method. The comparing

criteria are average value of mean square errors ( AMSE (B)) and average bias of

multiple linear regression coefficient's estimate ( ABIAS (B) ) factors of study consisting
of 4 levels of positive multicollinearity, 5 levels of sample size, 4 levels of variance of
error term and 6 sets of regression coefficients. The results base on 1,000 repetitions in
each situation. The main results are as follow

The result of the study under the AMSE (B) as the criterion, Ridge Regression
with Prior Information gives the best estimators in terms of least AMSE (B) in the case of
all correlation and sample size with small variance of error term. Principal component
regression gives the best result some case with high correlation with small sample size
and small variance of error term and some case with high correlation with large sample
size and large variance of error term. Muniz and Kibria Ridge Regression gives the best
result some case with small sample size and large variance of error term and some case
with low correlation and large sample size and large variance of error term.

The result of the study under the ABIAS (B) as the criterion, Ridge Regression

with Prior Information gives the best estimators in terms of least ABIAS (B) in the case of
all correlation and sample size with small variance of error term. Regression with 5
principal components (PC5) gives the best result some case with small sample size and
large variance of error term and some case with high correlation and small sample size
and large variance of error term. Muniz and Kibria Ridge Regression gives the best
result some case with large sample size and large variance of error term and some case
with low correlation with small sample size and large variance of error term.

The result of the study under both of AMSE (B) and ABIAS (B) as the criterion,

Ridge Regression with Prior Information gives the best result in the case of all correlation

(3)



and sample size with small variance of error term. Muniz and Kibria Ridge Regression
gives the best result some case with low correlation and small sample size and large
variance of error term and some case with low correlation and large sample size and

large variance of error term.
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