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ImAliAa1g q veamstiumiesdesya (Data Mining) (gilen1s1411lsunsy TIBCO
Spotfire Miner 8.1)
1. Classification Trees
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3. Classification Neural Networks
N3ZUIUNT Classification Neural Networks 1HugduvnveInIsSMUANGUAIY
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x, Wudwmuvesdyanunsedunsumnniiseushaios
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P(4B)= P(B|A{%%] ®)
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P(4B) fe Temavoamgmissi A fiezshlfinamsel B iiindu dusiniamsr
A’l’ 9 " d a J T w aa 9 A LY P ] Y]
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