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ABSTRACT

243576

Traffic density is an important problem in most cities around the world including
Thailand. It causes impact on the economy and society. Knowing amount of vehicles is a major
factor which could manage traffic as efficiently as possible. The purpose of this research is to
count vehicle, to classify vehicles into 3 types (car, truck and van), to measure vehicle speed, to
udy impact by vehicle in nearby lanes, and to test of wireless network connectivity. By using a
magnetic sensor for vehicle detection, data are transmitted via a wireless network. Thus, it
presents a convenient way to analyze and apply. In this project, vehicles were counted by
Adaptive Threshold Detection Algorithm is shown to has the accuracy of 98.46%. Vehicles were
classified by Back-propagation Neural Networks Algorithm and by Hill climbing Algorithm are
shown to have the accuracy of 65% and 70.83% respectively. Also, our system shows 2 km/hr
vehicle average speed error. Finally, the wireless network works effectively with an inter-arrival

time between vehicles more than 3.75 seconds.
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