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Abstract

Keystroke Dynamic, in which keystroke time intervals are used to discriminate
individuals, is one of biometric measurement techniques. Nowadays, there are a number
of methods used to authenticate users by measuring time interval of typing. This paper
presents a different aspect of free-text keystroke dynamic which can be used to classify
users by ensemble of classifiers. This method does not only classifies a person who is
producing his/her sequence of keystroke, but also reveals some specific characteristics
of that person. Finally, we compare the accuracy obtained from our approach to other
methods run in this research by 10-fold cross validation technique. The experimental
results show that the ensemble of classifiers yields the better results and is

comprehensible than other methods compared in this research.
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