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1 if the i data convert

¢, = (13)
0 otherwise
1 if the i" data should be present

4, = to the next iteration (14)

0 otherwise

NnruaaIsmsaudmineammdsuuuaasuagr (GTMS) udasldas Algotithm1 (GTMS) lu
1 2 & & ac Y ' - - v & —~ P o
2uaaun 1-4 vuluruesuismstheamuammasuuudy snduuaaud 2 Wumsiiiumsmuin
a a. e Y ° i Y - e
namasiamadusudurasmstadmumiclusavusnuasmnyadenaiulilumeind U Fams
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fnsanmswgamsannalesiuliluwaing ¢ nntutuasun 5 Wumsiiv U=v uazluduaaui
& ) o A ' ¥ ac ' o a ' & o
6, 9 uaz 10 (uauaaufidsscmiiiumsagud lurunauidmsihamuaiadsuuudy druaaun 7
< v v - o - ¥ - < a v | a4 g
Wumsmszezmalndgavssgaithaindisuiuaadn wazruasun 8 Wumsinsanguudedautuly
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amumsmvuad o Tastmnguudsgnnwulugud 8 faamsdnaluzuasui 9 8n vlwlides

dnax,  luseuit 7 Faflumsmduaislasdivumiminaamn 4 30Ty X awaums (5)
Toeh lWudisdlifadiueasiuaduladfumd@oulunmsivuaimin Fadumsdnaiadiu
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Algorithm1 (GTMS)

Initialization:
C is initialized to false.

A is initialized to true.

Initialize the value of parameter OL.
Set T=1

for each x, € X do

1. Compute xil

2. Calculate the shift distance and the trajectory vector

Set s =lizll”
Set v, = 2/5"°
3. Considering the convergence
if s < threshold _then
c, = true , a, = false
end if
4. Seti" to be a transporter itself, t, = i

end for

5. U=V // u, is a unit trajectory vector

while these are a, = true do

6. Calculate the distance (d,) from xrl. to x, €X,1< k <n

7. Find the fh data that nearest to the ;" data
J = argmin, d,
8. Investigate the transporter
Compute §=l/2(1- vri'uj/ |vTilluj|)
ifi#j&t#i& O< O then
set t, = j, a, = false // assign transporter
and inactive the trailer
else
9. Compute xim
10. Follow step 2 and 3
end if
Increate the number of iteration by setting 7= T+1.

_endwhile
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Trajectory

vector

Shift vector
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