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51l 2.6 uaasmsisouduuyluiinsaeu (Unsupervised Learning)

(Omidvar and Elliott, 1997)
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31 2.8 Aumniagadiqanaly (Local Minimum) uazad1Mga (Global Minimum)
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3 1/ 2.10 Activation Function (Multi Layer)

(Barber, 2007)
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