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Abstract

The purposes of the research were 1) to analyze behavior of e-Learning system that
affected on the learning achievement in Data Structure Subject using Data Mining techniques with
Association Rule and 2) to find the ways to improve the teaching and learning in Data Structure
Subject. The subject were composed of 2,027 data records of Log e-Learning from 59 students in
Bachelor of Education Program in Computer Education, as a subject in the first semester of the
academic year 2014 by selecting records of study from each chapter and transforming the data
and setting patterns in WEKA by Association Rule to analyze behavior with e-Learning which have
affected the learning achievement.

The results indicated that, firstly students who have used e-Learning with high frequency
in Arrays Chapter and Stacks Chapter achieved Grade A. Secondly, to improve teaching courses
in Data Structures Subjects. The students should study and learn the content in the first half of the
semester with intention. It will result in the achievement to have Grade A students for teachers
so they might use learning and teaching techniques for helping the students to understand, keep
practicing, repeat the lesson content etc. The first half of the semester the students are up to
speed to make a better score in the last half of the semester. The learning achievement may be
lower than the students who repeat the lesson content in first half of the semester which have

higher learning achievement.

Keywords: Data Mining, Association Rule, e-Learning Log.
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