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Image segmentation is aimed to partitions an image into its constituent
parts or objects. It is used as part oi various application such as image
analysis and image retrieval. This thesis proposes a new image segmentation
algorithm using a combination of Bayesian network and Gaussian Mixture
Model. Base on Gaussian Mixture Model, image pixels are clustered according to
the their features. The clusters are then compared with clu.strers derived from
training set to construct likelihood model to be used with bayesian network. The
algorithm is able to segment the image as well as .idenﬁfy the types of
objects for the segments. Experiments on the algorithm show that the proposed
method outperforms the use of Gaussian Mixture Model alone. Also data
transformation using Principal Coinponent Analysis can hLelp reduce computation

time of the algorithm while increase the accuracy of image segmentation.





