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This research presents the sugarcane yield forecasting model by applying the
artificial neural network with geographic information system. The factors influenced the
growth of sugarcane are such as planting date, variety, type of soil, cane age, rainfall,
temperature and humidity including farming skill which are actual data obtained from the
studied plant in the North-Eastern Thailand. These factors are used as input factor in the
neural network learning in order to forecast sugarcane yield.

The developed model can be divided into 16 models by farming skill and
planting date factors. Only 15 models can be used to forecast sugarcane yield, because of
one of the models do not have enough data to be trained by neural network. The mean
absolute percentage error (MAPE) in each model is less than 20%. The results show that

the proposed forecasting models provide solutions close to the actual data.





