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Abstract

The objectives of this research were; 1) to compare efficiency of classification data
by Iterative Dichotomiser3 (ID3) with difference discretization techniques and 2) to test
efficiency of unsupervised discretization technique. We use the so-called KDD Cup 1999
data set in our experiment. Efficiency of data classification was evaluated from detection
rate and false positive rate processing by applying the WEKA and MATLAB programs.

According to average result of 10 rounds, which was undertaken by discretization
technique with train data set into discrete data sets and classifying the data by the ID3
algorithm, revealed that 10 bin equal width discretization technique achieved the highest
correct rate 99.79%, then 40 sets of k-means discretization technique 99.75% and 10 bin
equal frequency discretization technique 99.57% respectively. To compare efficiency of
data classification using the ID3 algorithm by applying rules contributed from supervised
data on trial data, the result revealed that the most efficiency technique was the equal
width discretization technique and the ID3 algorithm with 92.32% of the detection rate
and 4.89% of the false positive rate. The proposed technique could classify 2.81% of non-
classified data. Moreover, research result presented that each technique of unsupervised
discretization effected efficiency of Classification continuous data set by ID3 algorithm and
found that discretization technique combine ID3 algorithm can use filtering data which not
in the rules. The new technique is different from decision tree C4.5 therefore, the

proposed method, if applied properly, will benefit greatly.

Keywords: Continuous Data, Discrete Data, Classification, Unsupervised Discretization and
ID3 Algorithm.
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