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48309335 : MAJOR : INFORMATION TECHNOLOGY
KEY WORD : MUSIC GENRE CLASSIFICATION / FEATURE SELECTION

O-PAS KAEWTAI : THAI CLASSICAL MUSIC CLASSIFICATION. THESIS ADVISOR
: SUNEE PONGPINIGPINYO.,Ph.D. 82 pp.

To classify music data requires using descriptive music data called Metadata
which is gathered by filling information by human. For example, the one who manage data in
Music Information Retrieval System ((MIRS) cannot explain or identify which group that song
should be in because of lacking of music understanding. This will take an effect on mistaken
classification of music. Therefore, there are a lot of research works on Content-based Music
Genre Classification in worldwide in Western music but not many Thai music, especially Thai
Classical Music. Most of these research works used data features which were extracted from
sound wave to classify the music.

This research presents the methods of content-based genre classification of
traditional Thai classical music. The classification methods use Timbrel features such as
Linear model, Predictive Coefficients (LPC), Spectral Centroid, Zero Crossing Rate, Mel-
Frequency Cepstral Coefficients (MFCC) which were extracted from the sound of music
frequency. The power spectrums which are power of sound waves are also used as the
features in this research. In order to get the best method and features that result the most
classification accuracy, the comparison on various machine learning classification algorithms,
including k-Nearest Neighbor, Support Vector Machines and Atrtificial Neural Networks using
with timbral feature vectors and power spectrum features are experimented. The result shows
that Support Vector Machine (SVMs) using Mel-Frequency Cepstral Coefficients and power
spectrums features with 512 samples of windows size and audio length 0 to 20 second
achieve the most accuracy rate of 86.16% for traditional Thai classical music genre classification.
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