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In this research, we propose an algorithm to compute initial cluster centers for K-means
clustering. We use novel approach for color quantization that divides color spaces into small
clusters or cells with intercluster distances as large as possible and intracluster distance as small
as possible. In the proposed algorithm, data in a cell is partitioned using a cutting plane that
divide cell in two small cells. The plane is perpendicular to the data axis with the highest variance
and is designed to reduce the sum squared errors of the two cells as much as possible. Cells are
partitioned one at a time until the number of cells reaches the desired number K. The centers of
the K cells become the initial cluster centers for K-means.

We evaluated our method by clustering 10 UCI data sets (UCl Machine Learning
Repository) and Web Access Log data set. We also present the experimental results on some
datasets in comparison with CCIA algorithm. The experimental results reveal that the proposed
algorithm computes initial cluster centers that help K-means converge to better clustering than the
random initial cluster centers and almost guarantee every cluster has its data membership. The

proposed algorithm also performs as good as CCIA algorithm which is more difficult to

implement.





