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The objectives of this research were to 1) learn the meaning of expressive Thai
- Sign language, 2) learn techniques for improving image processing, 3) develop a Thai
Sign language translation system using automated neural networks, and 4) compare the
efficiency of the recognition performance of expressive Thai Sign langﬁage using Muiti
Layer Perceptron Neural Network (MLP) between Skin Detection and Edge Detéction.
The recognition-steps approach to the recognition characteristics of the Thai Sign
language include recording a hand gesture of a total of 10 gestures each- gesture
performs 110 picture, totaling 1,100 pictures, were used. Each of the pictures used in the
trial process were initially resized to be an image of 30x40 pixels. Then the noise
reduction level was undertaken by converting the images to gray scale. After that
separation of image features (Feature Extraction) was done by checking the skin color of
the image (Skin Detection) and by finding the edge of the image (Edge Detection).
Artificial Neural Network learning and testing techniques were used, by using N-fo{d
Cross Validation comparing the performance of the learning and tests of Skin Detection
and Edge Detection. Test results showed that this can identify the correct picture of a
Thai hand gesture, and the Skin Detection artificial neural network and Edge Detection
techniques achieve 100 percent sensitivity accuracy with a classification error of

- specificity of 94% and 81% respectively.





