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In this research, we propose methods for (1) extending Support Vector Machines
(SVMs) for dealing with multiclass problems, and (2) enabling Inductive Logic
Programming (ILP) for dealing with noisy data. SVMs were primarily designed for two-
class classification problems with their outstanding performance in real world
applications. Previous methods for solving the multiclass problem of SVMs are
typically to consider the problem as the combination of two-class decision functions.
The Decision Directed Acyclic Graph (DDAG) is a well-known method for multiclass
SVMs that has advantage of fast evaluation time and provides classification accuracy
comparable to other methods. Motivated by DDAG, we propose the Adaptive DAG
(ADAG): a modified structure of DDAG that has a lower number of decision levels.
ADAG improves the accuracy of DDAG while it maintains low computational
requirement. Next, we propose an enhancement version of ADAG, called Reordering
Adaptive Directed Acyclic Graph (RADAG), to find one best ADAG from all possible
ADAGs by using the reordering algorithm with minimum-weight perfect matching.
Experiment results on several datasets denote that our methods give higher accuracies
than those of the previous methods.

ILP is an efficient technique for relational data mining, but when ILP is applied in
noisy domains, the rules induced by ILP often struggle with the overfitting problem. We
propose methods for enabling ILP to deal with this problem. We first propose a method
for learning first-order Bayesian network {FOBN) which can handle noisy data
powerfully. Due to a high computation cost for directly learning FOBN, we adapt an
ILP system and a Bayesian network learner to construct FOBN. We propose a feature
extraction algorithm to generate features from ILP rules, and use these features as the
main structure of the FOBN. The experimental results show that FOBN performs better
than a traditional ILP system. We also propose a novel hybrid learning method to enable
neural networks to handle first-order logic programs directly. The proposed method,
called First-Order Logical Neural Network (FOLNN), employs the standard feed-
forward neural network and integrates inductive learning from examples and
background knowledge. We propose a method for determining the appropriate variable
substitution in FOLNN learning by using multiple-instance learning. The experimental
results on two first-order learning problems show that the proposed method performs
better than PROGOL, the state-of-the-art ILP system.





