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This study is aﬁned at investigating the behavior of knowledge exploration and
knowledge usage com#ared between ones in Bangkok and those in Mahasarakham province in
northeastern Tﬁailand. Samples were drawn from both area 401 from Bangkok and 410 from
Mahasarakham and were asked to response the questions about socio-demographic, knowledge
usage and knowledge exploration-media, time used, size of knowledge neéded.

The findings indicated that those in Bangkok need more pages to read daily. People’in
both areas spend, on average, equal internet time. They also need to perceive knowledge from
different media like newspaper, radio and TV, at the same percentage and from the readable
media at about 1-2 pages.

Prediction models used predicting perception and knowledge usage behaviors are
Multinomial Logistic Regression Model '(MLR), Binary Logistics Regression Model (BLR),
Linear Discriminant Analysis Model (LDA) and Art1ﬁ01a1 Neural Network Model (ANN).
Independent variables are gender, age, education lei/el, income, marital status and occupation of
the respondents.

Finding revealed from MLR that determinants of size of readable sources are gender,
education, age, marital status, -occupation as civic Qfﬁcér and housewife. This is true for both
those who live in Bangkok afea and Mahasarakham province, excépt the occupation of civic
officer is not true for Maha.sarakham province.

To predict the use of 10 categories of knowledge, it was shown that BLR can make a
correct prediction of 63.20- 91.50% while ANN made for 71.7-81.56%. Speéiﬁcally, in predicting
the knowledge usage for daily living and loss protection, BLR, LDA and ANN left a correct .
prediction of 64.20%, 78.25% and 62.36% respectively.





