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2.2.1 szuulassdrgdszamiiisnuuuiddnisunsnszaiutiaunau (Back
propagation Algorithm)
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ﬂumauﬂlaa Back-propagation Algorithm il df‘f
Algorithm Backpropagation;
Start with randomly chosen weights:
while MSE is unsatisfactory
and computational bounds are not exceeded. do
for each input pattern @,, 1 < p < P,
Compute hidden node inputs (neté‘)7
Compute hidden node outputs (m;;)
Compute inputs to the output nodes (netg‘:}c):
Compute the network outputs (op):
hlodit'y outer layer weights: .

(n)

Aw = n(dpk — 0ps) S’ (netyl)ay)

Modify weights between input & hidden nodes:

(10) =1 d,L o,1)S’ 'ne:t(2 “(2_1) S’ net .l:”
¥ P, & P

end-for Note: if S is a logistic function, then

end-while. 5700 = SGA(1 - S()

2.2.2 3En1s5auuudnnaiaanieasunyiy (Support Vector Machine :
SVM)
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33n5IAs1zviesdUsENoUNEn Principal Component Analysis (PCA) t8u38n15114
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2.4 nsanaamanumzanasy (Feature Extraction)
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2.5 nisviunanassunssn/asauwme (Information) mauatias

Dong Seong Kim, Ha-nam Nguyen, Thanda Thein wag Jong Sou Park (2005) 1)
Yausuideies An Optimized Intrusion Detection System Using PCA and BNN lagldl
dnausnsmafingandmiunisasiadumsyngnlasendonisiiasigiesduszneundn
(Principal  Component  Analysis:  PCA) wazlase91aUszamiisuuuuinsgaunau
(Backpropagation Neural Network: BNN) IﬂEJlJ:GLﬁ'u'luﬂ’liLLﬁﬂauJuﬂ 2 i‘]zgmﬁ'wﬁuﬁa 19
AMMUATIUIUYDY Hidden Layer LLasf)ﬁa'a”mmsﬁiwamfmﬁﬂ wieldlunisimuaguiuues
TassneUsramifion waznsUsssnanadoyafinsvaeuiifiviinaann Tasfinnsaniamsiiiy
$nIINIMTI9TULATaAaINITUTEIIaNE Ineidefives Genetic Algorithm (GA) w1l lag
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gonuldifudiuimelanuiiaianteld ludruaulueuiaalaiinisddssediudn dailnns
USudsusa PCA waz BPN unasvlildnanisvaassiiaiu

Hai-Hua Gao, Hui-Hua Yang wag Xing-Yu Wang (2005) Iiausiuideises Kemel
PCA Based Network Intrusion Feature Extraction and Detection Using SVM laglauiaue
ﬁmﬂﬁﬂumwﬁﬁﬁuﬂ’liuﬂ?ﬂﬁwmiﬂizmﬁ Kernel Principal Component Analysis:
KPCA dwmiunisananaanuauzuwasly Support Vector Machine: SVM Tunisuuadseian lag
vinsisuifisunatudoyaiilildriunisainaudnvus uaznsatanudnuuzieisnis

PCA Tngran1snnaesdliliuiimsainnudnuurvesdeyaaunsoanvuinvesdeyaiidilag
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fafinlsain kecA Avinlildnadwiianiryateyadiliiunsada uasyateyaiiiiunisar
98 PCA -

Hai-Hua Gao, Hui-Hua Yang uwag Xing-Yu Wang (2005) lﬁﬁwauamuﬁi’aﬁaa
Principal Component Neural Networks Based Intrusion Feature Extraction and
Detection Using SVM laglatnauaisnisindlunisadanudnvasyateyanisunin lnens
Ui%&gﬂﬁﬂ%’ Principal Component Neural Network: PCNN wazthnadwsilaainisana
AudNYUE NYiN1sWUINgus SYM  Taeilldsane3iu Adaptive Principal Component
Extraction: APEX undaudaslinunzaulunisviraiuaes PONN Tasradiléainnisvaasatiium
Wisuiisuiu svm - filildimisatanudnvazgadeya nanisvaasanandliiiiudain nns
anpRudnvueag PCNN annsaandnuiuiiivesteyaundn waglivinliuse@nsamlunis
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Zhu Xiaorong, Wang Dianchun wag Ye Changguo (2009¥ léhinausnuidudes A
New Feature Extraction Method of Intrusion Detection laglauausisn1suien Kernel
Principal Component Analysis: KPCA 1nvin1sainnudnuayanmsmegnvestoyanisyn
snitexliflndu TneiiBnsilananudnvuzwasandnuiivesdoyaldodsivszaving Tngld
UNausIsN15U1 Reduce SVM: RSVM 321AU35N15 nonlinear proxi;nat SVM &435nsii
vnausiiannsaannududoulunisdiunanes Kemel Matrix 16 wazdademalininmdalu
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