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Abstract

In order to work through the Internet, there are a variety of service delivery models to communicate
information to each other by using social media to reach people in all levels and service of social network such as
sharing photos and watching video online through Facebook, Twitter, and YouTube. Therefore, in this paper
complex bipartite graphs were used to represent clustering model to determine and analyze the relation between
social networks and the students. The sample was consisted of 62 students who used the Internet service provided by
the Computer Center Services at Rajabhat Mahasarakham University for purposive sampling. The social networks
analysis used the Pajek program. The objectives of this research were to 1) study the students’ behavior of using
social media using bipartite graphs and 2) compute the betweenness centrality (BC) and degree centrality (DC).
The results of the study were as follows: 1) the students’ behavior of using Facebook was at the highest level and

2) the BC value was 0.1872 while DC value was 0.4485.

Keywords: social network, bipartite graphs, betweenness centrality, degree centrality
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