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Abstract

This research aims to compare the performance of the classification for choosing the career for graduated
students. This research used the data set of the job status and the personal data of graduated students from
Faculty of Informatics Mahasarakham University from 2007-2011 years. The data set has 12 attributes and 2,515
records. This research used and compared the result of Decision tree techniques, Artificial Neural Network and
Naive Bayes. The highest accuracy result is from the Decision tree with 80.62%. The important factors are Major,
GPA specially in Major only, gender and overall GPA. The results in this experiment can be applied to the

relevant authorities, to development plans course structure, or education plan.

Keyword: data set of the job status, the personal data of graduated students, performance of the classification

for choosing the career, data Mining Techniques
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Figure 1 Data Mining.
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Figure 2 Artificial neural network.
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Table 1 Attributes used in research.

No. Attributes No. Attributes
1. major 7. father's career
2. gender 8. Income Father
/ year
3. Old school 9. mothers's career
4. GPA in old 10. | Income mothers
school / year
5. Overall GPA 11. | Jobs.
6 GPA specially 12. | Yes or No
in major only
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Table 2 The results compared of classification data.

Performance accuracy. (Average)
Technique Accuracy | MAE
DT 80.62 0.38
ANN 78.94 0.30
NB 70.47 0.26
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Accurate comparison chart (on average).
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Figure 4 Accurate comparison chart (on average).
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Table 3

Table 3 Test results data reduction imported with

decision tree technique.

No. Factors MAE

1 major 0.3982
2 GPA specially in major only | 0.3911
3 gender 0.3021
4 Overall GPA 0.3013
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Figure 5 Graph factors that affect career choices.
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